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abstract  

 

As new technologies became an increasingly greater part of people’s lives, consumers 

started to share their opinions, and experiences on the internet. This participatory culture 

generates a constant flow of a large volume of data on customers’ activities, behavior, and 

attitudes towards products and brands, which provides marketers with the opportunity to 

conduct qualitative research online. Based on this context, this dissertation has as its main 

objective to understand the working dynamics of virtual communities of consumption while 

simultaneously exploring the applicability of netnography for the practice of marketing and 

its strategic benefits. Through an extended literature review, it was possible to establish that 

there is a direct correlation between the diffusion of information technologies and deep 

changes in consumers’ behavior that compelled changes in market research towards 

computer-mediated social interactions. In order to expand the proposed investigation, a 

research was conducted through a netnographic analysis and an online survey in order to 

gather practical evidence on the nature of members’ relationship with virtual communities 

of consumption. Results show that online reference groups are considered to be valuable 

sources of information on products and services and that members tend to trust their peers, 

which corroborates that there is great value for marketing in investing in netnography with 

the aim to better understand consumer behavior. Additional questions were also raised 

regarding the conditions that motivate consumers to actively engage in virtual communities 

and what leads members to developing a high level of involvement with them.  
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Netnography; Marketing Evolution; Consumer Behavior; Virtual Communities; Decision-

Making; Digital Era. 
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1. Introduction  

 

Understanding the complexity of consumer behavior has always been both a challenge 

and a necessity in order for businesses to develop solutions that appeal to their target 

audience. As new technologies started to become widely diffused with the commercial launch 

of the internet at the end of the 20th century, a broad transformation of society’s values and 

habits was unleashed. Consequently, this growing digitalization of the consumer lifestyle 

impacts directly on how they select, choose, and make consumption choices.  

A case such as the above requires marketers to deeply comprehend this multifaceted e-

consumer and the impact virtual communities of consumption can have on them. Today, as 

people are increasingly willing to share their opinions and experiences on the internet, doing 

qualitative research online is perceived as a valuable resource for companies to collect 

enriched data that enables more assertive strategic decisions. In this field of study, one of the 

most reputed methodologies is netnography, developed by Robert V. Kozinets in 1997. 

Based on this context, this dissertation has as its main objective to understand the 

working dynamics of virtual communities of consumption while simultaneously exploring the 

applicability of netnography for the practice of marketing and its strategic benefits. To guide 

this line of investigation, the following research questions and sub-questions were 

predetermined:  

 

Research Question 1: what are the historical grounds that favour the use of 

netnography in marketing? 

 

Sub-question 1: how has marketing changed its practice over the years in the face of 

technological advancements? 

 

Sub-question 2: what is the impact the digital era has had on consumer behavior?  

 

Research Question 2: what are the benefits of conducting netnography for the process 

of making strategic decisions in marketing? 

 

Sub-question 3: what are the main advantages of online research methodologies? 
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Sub-question 4: what type of useful information can marketers extract from virtual 

communities? 

 

Sub-question 5: what are the defining characteristics of the relationship between 

consumers and virtual communities? 

 

The first section of this dissertation comprises an extensive literature review that 

explores previously published works on the subjects of the history of marketing, consumer 

behavior, and the method of netnography. Secondly, a primary research was conducted in 

order to obtain practical evidence on the working dynamics of virtual communities and 

identify the defining attributes that make them important reference groups for their respective 

members. By combining the information acquired through both primary and secondary 

research, the final conclusions of the dissertation were drawn.  

The investigation revealed the contextual significance of using netnography as part of 

market research by demonstrating a direct relation between the popularization of information 

technologies and consequent changes in consumer behavior. Results also confirm the 

influence electronic word-of-mouth (eWOM) has over consumption decisions, as well as the 

ability of netnographic studies to provide marketers with data on how consumers judge 

products, services, and brands. This information allows businesses to anticipate trends, 

improve their performance, and identify market gaps that can provide them competitive 

advantage. 

 

2. Methodology  

  

The primary research presented in this dissertation was carried out using mixed 

methods, a type of research that combines the collection of quantitative and qualitative data to 

allow better analytical interpretation (Creswell & Clark, 2017). Considering one of the 

focuses of the investigation on exploring the applicability of netnography, this methodology 

was naturally chosen as the research technique to be used first (qualitative and explanatory). 

This approach was aimed at providing insights on how consumers behave when part of a 

virtual community and on the vast amount of information they individually and collectively 

share. 

The beauty industry, which contemplates the areas of colour cosmetics, skin care, 

personal care, and fragrances, was selected as the central subject of discussion of the virtual 
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community examined due to its expected performance and global cultural relevance. This 

market is thriving as one of the fastest growing in the world, driven in particular by young 

consumers getting more buying power as they enter the workforce, as well as being reinforced 

by the influence of social media and e-commerce (Statista, 2021a).  

In 2020, the industry’s world revenue hit the mark of $483 billion and is expected to 

grow annually by 4.75% between 2021 and 2025. Despite this promising expected 

performance, consumers will likely face economic difficulties after the COVID-19 pandemic 

as a result of the global economic recession. However, this has tended to cause pre-pandemic 

trends to accelerate, such as prioritizing digital channels, do-it-yourself (DIY) care, well-

being offers, and shoppable social-media platforms (Gerstell et al., 2020), which shows that 

the beauty industry can be relatively resilient in times of crisis. 

The netnographic analysis derived from combining statistics regarding the 

publications studied (e.g., likes, comments, and distribution) alongside a hermeneutic analysis 

of the discussion threads to accomplish a holistic understanding of the relationship members 

of the virtual community have with the group. Based on these finding and following the 

principles of inductive reasoning, a conceptual model was proposed as a general premise 

about how members’ attitudes towards a virtual community can impact their level of 

engagement and involvement.  

To test the model’s ability to reflect an expanded understanding on the subject, an 

online survey (quantitative and descriptive) was incorporated to the research. The survey was 

directed to the general public without distinction of either gender or age. However, it was 

mandatory to be a member of a virtual community of consumption to be able to complete the 

questionnaire. Five marketing scales described in the work of Bruner II (2009) were used to 

measure the respondents’ attitudes, their level of engagement and their level of involvement 

with the online groups. The data collected was then analysed using the SPSS software to 

calculate the appropriate statistical indicators.  

 

3. Literature Review 

 

3.1 The Evolution of Marketing 

 

According to the American Marketing Association (2017), “marketing is the activity, 

set of institutions, and processes for creating, communicating, delivering, and exchanging 

offerings that have value for customers, clients, partners, and society at large”. The 
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organization commits to reviewing this definition every 3 years to ensure it is up to date with 

recent developments that might have influenced, or even disrupted, industries and the practice 

of marketing. Yet, the institution’s scholars have maintained the current statement till the 

present day.  

Given the dynamic and ever-changing nature of marketing, its role has undergone 

significant transformations over the years as a result of several contributing factors, such as 

the economy, shortage of environmental resources, and technological advances (Miklosik & 

Evans, 2020). Accordingly, during the past seven decades, marketing has become an 

increasingly important topic of study and “a never-ending pursuit for skilful performances 

that require adaptability in these changing times” (Kotler & Keller, 2016, p. 26). 

Even though the concept of marketing as it is known only started to be shaped in the 

late 18th century with the First Industrial Revolution (1760-1830), some theorists suggest that 

its history began long before that, approximately 8,000 years ago (Sheth & Parvatiyar, 1995, 

as cited in Edwards et al., 2020). This speculation is fairly sensible considering that ever since 

people have had something to exchange, trade or sell, someone has always been in the role of 

either the marketer – who seeks a response – or the other party, the prospect (Kotler & Keller, 

2016).  

However, the history of marketing is more commonly explored from the Industrial 

Age onwards, as there are only a few studies that exist which elaborate on its role prior to this 

stage. Edwards et al. (2020) stated that dividing the evolution of marketing into eras is flawed, 

for they believe it fails to acknowledge different facets of the field, generalizes assumptions, 

and oversimplifies transitions. Despite being a valid argument, the use of terminologies is 

important for academic purposes, as it helps to explain consumer behavior, analyse 

milestones, and predict trends.  

One of the most reputed studies on the history of marketing was developed by Philip 

Kotler, widely acknowledged as the father of modern marketing. According to the author 

(2010, 2017, 2021), there have been five different eras leading up to the present day: 

Marketing 1.0, Marketing 2.0, Marketing 3.0, Marketing 4.0, and Marketing 5.0, the current 

era. Each denomination refers to a specific time period in which a set of practices and events 

marked the craft of marketing. The evolution from one era to the other happens when 

significant changes take place and impact market attitudes and consumer behavior.  

Historically, technology has shown itself as one of the main drivers for these changes. 

Since the rise of the Information Age in the late 20th century, the speed of its advancement is 

increasing and “forcing organizations to change their traditional operations, adjust their 
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processes, adopt new informational systems, and keep their existing systems up to date” 

(Miklosik & Evans, 2020, p. 101284). Today, technology is a large and integral part of life 

(Kumar et al., 2021), and society keeps adapting to it (Baines, 2017). 

The increasing digitalization of markets introduced significant challenges for 

companies due to complex and agile changes that happened beyond their control (Sahut et al., 

2019). In this context, marketing has a key role in understanding these issues to help enhance 

companies’ performances. However, marketing was not always considered such a crucial 

practice in businesses, which indicates that its implementation gained prominence in parallel 

with the development of new technologies.  

During the course of the 21st century the world has been through radical 

transformations, especially with the advent of social media (Baines, 2017). Along with 

cheaper personal computers and mobile phones, technology allowed “individuals to express 

themselves and collaborate with others” (Kotler et al., 2010, p. 5). Digital platforms (e.g., 

Wikipedia, Reddit, Facebook, Twitter, and YouTube) made it possible for people to not only 

consume content but also produce and disseminate it at an unprecedented level (Pournaras & 

Lazakidou, 2008, as cited in Sahut et al., 2019). 

The rise of the digital economy disrupted key industries and challenged long-

established businesses to reinvent themselves (Kotler et al., 2017). As a result, a new breed of 

digital native companies has emerged as big players in their respective markets (Figure 1), 

such as Netflix (entertainment), Uber (transportation), and Spotify (music). As the rise of 

technologies, such as artificial intelligence (AI) and automation, generate new opportunities 

and increase productivity, an additional $13 trillion could be added to the world’s gross 

domestic product (GDP) by 2030 (McKinsey Global Institute, 2019). 
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Note. Source: Macrotrends.  

 

Hence, when companies improve their business models by becoming more digitally 

oriented, they are able to differentiate themselves from other competitors and to deliver better 

customer experiences (Sahut et al., 2019), especially by involving them in the process of co-

creation of products and services to reinforce the value proposition (Nosalska & Mazurek, 

2019). Those who fail to envision the future and challenge the status quo might not survive 

the era of Digital Darwinism1 (Goodwin, 2018). Therefore, 

 

We must not dilute the importance of this transformation as a strategic imperative that 

requires accelerating investments within companies in the expertise, ownership, and 

implementation of digital innovations. The proliferation of mobile devices and the 

uniquity of the Internet in everyday life have radically changed the expectations, 

preferences, and behaviours of customers. (Sahut et al, 2019, p. 63) 

 

Social media platforms also continued to grow in influence over the last decade 

(Figure 2). From 2010 to 2018, Facebook gained over 1.74 billion new users, and TikTok, the 

newest trendy platform launched in 2016, hit the mark of 500 million users in just 2 years. 

The transparency and connectivity brought by the internet development allow customer 

 
1 A reference to the Darwinian theory of the biological system, the Digital Darwinism corresponds to the need 

for businesses to adapt to the changing environment in order to survive the present and future market. 
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communities to be more vocal and has helped shift the world’s power structure from being 

vertical, exclusive, and individual to being more horizontal, inclusive, and social (Kotler et 

al., 2017).  

 

 

Note. Statistics correspond to monthly active users (MAUs). Facebook, for example, measures MAUs 

as users that have logged in the platform during the past 30 days. Source: Our World in Data.  

 

This vast digital environment generates massive amounts of data regarding people’s 

preferences and opinions that can assist brands in creating customized offers and 

communication materials that are personally relevant to consumers (Kumar et al., 2021). On 

the other hand, to provide this level of personalization, organisations need to adopt a data-

driven approach so the information collected can be transformed into useful knowledge to 

support marketing activities (Miklosik & Evans, 2020).   

Deep transformations in the field of marketing are happening faster than ever before, 

and it tends to continue this way. There is no doubt it is imperative for companies to keep 

adapting to this ever-changing environment as a means to maintain its competitiveness. 

However, it is worth noting that greater than adopting new marketing practices over the years 

is understanding the social context that leads to them. The following table summarizes the key 

points of the marketing eras registered up to this date (Table 1). 
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 Marketing 1.0 Marketing 2.0 Marketing 3.0 Marketing 4.0 Marketing 5.0 

Definition Product-driven Customer-oriented Human-centric 
Transition from traditional and 

digital marketing 
 Tech-driven 

Objective Sell products 
Satisfy and retain 

consumers 
Make the world a 

better place 
Adapt companies to the digital 

economy 
 

Use technology for the 
good of humanity 

Enabling forces Industrial Revolution Information Age 
New wave 
technology 

Digital economy  COVID-19 pandemic 

Key marketing 
concept 

Product 
development 

Differentiation Values Hybrid strategies  Advanced technologies 

 

Note. Source: “Marketing 3.0: From Products to Customers to the Human Spirit” by P. Kotler, H. Kartajaya and I. Setiawan, 2010, “Marketing 4.0: Moving 

from Traditional to Digital”, by P. Kotler, H. Kartajaya and I. Setiawan, 2017 and “Marketing 5.0: Technology for Humanity”, by P. Kotler, H. Kartajaya and I. 

Setiawan, 2021.  

Table 1 
 

The Marketing Eras by Philip Kotler  
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3.2 Consumer Behavior in the Digital Age 

 

The Information Age and further technological advancement have had a profound 

impact on everyday life as consumers around the world developed new capabilities, which 

accelerated the pace of change. As digital innovations continued to grow in popularity, 

expanded access to information, communication, and mobility empowered consumers to 

explore unlimited options of retail shops, research sources, and social communities. 

In a hyperconnected world, the so-called e-consumers (Solomon, 2019) or iConsumers 

(McKinsey & Company, 2013) live a digital-oriented life. According to Statista (2021b), the 

number of global social network users has been progressively rising since 2017, with close to 

1 billion new users being added to the count in the past 3 years (Figure 3). The average 

amount of time per day spent online has also showed a progressive evolution (Data Reportal, 

2021), equating to approximately 2 full days every week (Figure 4). 

 

 

Note. The data correspondent for the year of 2021 is projected. Source: Statista. 
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Note. Source: Data Reportal. 

 

As the internet became a social and interactive medium in the era of Web 2.0, 

consumers have found a way to voice their personal opinions on a variety of subjects through 

social media platforms. The Netizens, or citizens of the internet, are both influential and 

influenced as they create, share, and receive information online (Kotler et al., 2017). This 

phenomenon, called user-generated content (UGC), supports a participatory culture which 

emphasizes consumers’ roles as both contributors and producers of value.   

Naturally, the digitalization process has not only impacted how consumers behave but 

has also shifted the global economy, since connectivity has the power of disrupting long-

established industries. As more advanced technologies are incorporated in society, 

collaborative business initiatives that involve consumers as active co-producers keep 

strengthening their competitive position in the market with the popularization of the sharing 

economy (Dellaert, 2018).  

Additionally, analysis from Statista (2021c) show that online shopping currently 

accounts for 19.5% of total sales worldwide, being predicted to reach 21.8% in 2024. Further, 

under the circumstances of the COVID-19 pandemic, online shopping has increased 

significantly across many categories, especially in everyday essentials and home-

entertainment, and research studies point that this trend is most likely going to stick even after 

the crisis (Charm et al., 2020).
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One of the main influential factors on the growth of the digital economy is the 

emergence of a new generation of customers: the digital natives. The modern understanding 

of generations dates back to sociologist Karl Mannheim (1928), who theorized in his work 

that generations are formed in response to major historical events. Mannheim stressed that 

birth year alone is insufficient to classify someone as part of a specific generation, but rather 

it is their experience and participation in the defining events of that time. 

This theory differs from Strauss and Howe’s approach (1992), who defended a span of 

time of about 20 years associated with the emergence of a generation. This process would 

occur in response to the struggles of the previous generation, favouring a cyclical turn of 

archetypes, categorized as heroes, artists, prophets, and nomads. Although criticized for 

disregarding the role of historical events, the Strauss-Howe Generational Theory has had a big 

influence on how generations are perceived nowadays. 

However, there is no official consensus on what label or birth date classify a 

generation. Yet, usually one tends to gain popularity after being used in books, magazines, or 

articles. For the purpose of this dissertation, the definitions proposed on recent generation 

studies by the Pew Research Center (2019) will be used as referential. The digital natives 

refer to the generations Y, or Millennials, born between 1981 and 1996, and Z, or 

Homelanders, born between 1997 and 2012. 

Similar to how Baby Boomers (1946-1964) were named after the post-World War II 

increase in birth rate, Millennials received this label because they grew up at the turn of the 

new millennium, a time deeply associated with technological progress. Because of the Great 

Recession that struck the world in the early 2000s many Millennials’ life choices have been 

shaped by economic struggle. Thus, this generation tends to feel pressured to succeed despite 

having been sheltered by their parents. 

According to Kotler et al. (2021), Millennials in general are considered to be more 

well educated and culturally diverse than their predecessors. Due to that, this generation tends 

to be more open-minded and idealistic, they do not aim at accumulating wealth but rather they 

seek to acquire meaningful life experiences. Having learned about the internet at such a young 

age, Millennials are open to express themselves online and often search for validation and 

approval from their peers.  

What is most unique about Generation Z is that all of the digital innovations that 

Millennials have seen explode have been a part of their lives from the start. While the 

previous generation is understood as being tech-savvy, Gen Z are technology dependent. 

Growing up in an always-on world brought both positive and concerning implications for 
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youth behaviors and lifestyles. As an example, they tend to have a high emotional connection 

to social issues, but they also have an increased level of anxiety and depression. 

Many members of Generation Z have witnessed the financial struggle their parents 

and older siblings had to face in previous years, which made them be more financially 

conscious and concerned about economic stability (Kotler et al., 2021). Unlike Millennials, 

Gen Z tends to be more pragmatic and value portraying a more unfiltered version of 

themselves on social media as they consider manufactured images to be fake.   

Nowadays, Millennials and Homelanders account for the two largest generation 

cohorts in the world. A study by Drapers (2020) shows that as consumers both groups have 

social media as a big influence on their purchase decisions. Young adults have tendency to be 

mobile, which allows them to make purchase decisions anywhere and anytime. With the 

COVID-19 pandemic 24% of Millennials and 28% of Gen Z plan to shop online even more 

often than before.  

The unprecedented level of connectivity deeply shapes these generations’ consumer 

behavior. They make decisions that match their ideals and expect that brands take a stand on 

topics and issues as an act of civic responsibility. Older generations still hold the highest 

buying power, but Millennials’ and Gen Z’s influence on the global economy is growing 

more each year. In 2020, Millennials alone wield around $1.5 trillion of spending power, and 

Gen Z already accounted for 40% of all consumers.  

 

3.2.1 What Influences Consumer Behavior  

 

According to Solomon (2019), consumer behavior is an ongoing process which 

includes the issues that influence an individual’s purchase decisions before, during and after 

the moment of transaction between company and customer. These issues include three major 

factors that exert different levels of influence on consumer behavior: cultural, social, and 

personal (Kotler & Keller, 2016). 

Cultural factors, such as the culture per se, subcultures, and social class, express the 

broadest and deepest influence since they are fundamental determinants of a person’s 

behavior, which extends to consumption acts withal. It is possible to determine the 

importance of these factors by observing how countries have different views on subjects, such 

as success, freedom, and individualism, and to what degree they condition their values and 

rituals.
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Consumers are also influenced by their personal characteristics. Their own set of 

psychological traits helps the decision-making process based on the accordance those choices 

have with their self-concept and the way in which they wish to present themselves to others. 

This influence can change over time according to critical life events that give rise to new 

needs and transform how individuals view themselves and the world around them.  

Lastly, there are social factors that too have the power to affect consumer behavior and 

influence purchase decisions. As stated by Solomon (2019):  

 

Humans are social animals. We belong to groups, try to please others, and look to 

others’ behavior for clues about what we should do in public settings. In fact, our 

desires to “fit in” or to identify with desirable individuals or groups is the primary 

motivation for many of our consumption behaviors. (p. 393)  

 

Reference groups are a prominent part of this social influence. They are characterized 

as “an actual or imaginary individual or group that significantly influences an individual’s 

evaluations, aspirations or behavior” (Parker & Lessing, 1977, as cited in Solomon, 2019, p. 

395). Furthermore, Kotler and Keller (2016) highlighted that reference groups are able to 

expose individuals to new lifestyles, influence their attitudes, and create pressure for 

conformity, all of which may affect consumption choices.  

These groups can vary in their level of influence over consumer behavior depending 

on the proximity they have with an individual and depending on the consumption activity that 

is being regarded. The reference groups considered to be primary are the ones with whom the 

consumer interacts continuously and informally, such as family and friends, whereas 

secondary groups are those which tend to be of more formal and of sporadic contact, like 

work colleagues. 

It is important to note that consumers do not need to belong to a reference group to be 

influenced by it. As individuals aspire to emulate the attitudes and behavior of others they 

admire, they are subjected to an aspirational group persuasiveness. The same process occurs 

with groups that have values they disagree with and reject, the so-called dissociative groups. 

The social power they exert on individuals is constantly enabled by their will to be socially 

accepted. 

These three categories of influencing factors have always been part of consumers’ life 

despite differing on how they affect their behavior. From them, individuals gather valuable 

information by observing, talking, and thinking about all of the conformities they wish to
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comply with. However, over the years, emerging social transformations started to impact 

directly on how consumers approach brand experiences.  

The proliferation of user-driven technologies, collectively called social media, such as 

blogs, social networks, and video-sharing platforms, has revolutionized consumers’ 

relationship to content and information as they have enabled the rise of a global community 

where users can connect and discuss their opinions on products and services (Smith, 2009; 

Powers et al., 2012; Solomon, 2019).  

Traditionally, this exchange of information is denominated as word-of-mouth (WOM), 

which is considered to be a primary source for consumers buying decisions as the 

recommendations come from those who are part of a close social circle (Kimmel & Kitchen, 

2013; Kotler & Keller, 2016). Inevitably, the internet transformed and gave new prominence 

to this person-to-person communication in the form of electronic word-of-mouth (eWOM), 

such as online comments and reviews (Voramontri & Klieb, 2019).  

This quick and easy access to informational UGC can positively or negatively affect 

an individual’s purchase intention since it helps to set expectations and reduce risk – a role in 

the past performed mostly by companies through traditional advertisement (Kostyra et al., 

2016). In this regard, Sethna & Blythe (2016) and Erkan and Evans (2016) stated that 

consumers tend to trust online reviews and anonymous opinions more than friends’ 

recommendations on social media. 

The rapid speed and scope with which information can be transmitted on the internet 

has also facilitated the development of virtual communities that may act as important 

reference groups to whom participants turn to for advice or to share their own experiences and 

opinions. The concept of virtual communities has been characterized by several different 

authors (Gefen & Ridings, 2017), but it can be generally defined as “an aggregation of 

individuals or business partners who interact around a shared interest, where the interaction is 

at least partially supported and/or mediated by technology” (Porter, 2017, para. 10).  

According to Akerkar et al. (2017), virtual communities have the potential to support a 

wide variety of activities and types of interactions, which supports the existence of virtual 

communities’ typologies. The authors propose that these online groups can be divided in five 

categories: task-centric (when members share the same task and a common goal), topic-

centric (when members share a topic of interest), supervision-oriented (when the objective is 

to create conditions for interaction and control of people or systems), ephemeral (when the 

existence of the community is limited within a spatial and/or temporal space), and implicit 

(when users of an internet-based application share the same behavior). 
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Porter (2017) presented another perspective where five attributes could be used by 

researchers to help characterize different communities: purpose (shared interest), place (extent 

of technology mediation), platform (design of interaction), population interaction structure 

(pattern of interaction), and profit model (tangible economic value). Based on that, her 

proposal for a typology of virtual communities establishes first if the community is either 

member-initiated or organization-sponsored. Then, at the second level of the typology, the 

virtual communities are categorized based on their general relationship orientation. In 

member-initiated communities this relationship can be either social or professional, and in 

organization-sponsored communities this relationship is both among members and between 

members and the organization itself. 

Regarding what motivates individuals to enter virtual communities, Gefen and Ridings 

(2017) stated that some of those reasons are very similar to the dynamics of traditional face-

to-face communities. The most cited reason is to access information, as knowledge is 

considerate to be a valuable currency and social resource. Another reason is the social support 

virtual communities can provide, which may also be linked with individuals’ need for a sense 

of belonging, affiliation, and friendship. As a source of entertainment, people could also 

choose to enter virtual communities for recreational purposes since they find them fun and 

enjoyable.  

The essential difference between virtual and traditional reference groups is that 

involvement in virtual communities is a voluntary and conscious choice, while membership in 

other groups may be imposed by social norms. This might make virtual communities an even 

more influential reference group since individuals opt to be a part of it due to the like-

mindedness among its members. However, it is important to mention that the existence of 

these communities depends expressly on users’ contributions. 

Fundamentally, members’ behavior in virtual communities are defined by its level of 

interaction (Burnett, 2000). It can be assumed that all members participate in the activities of 

the group as they are at least readers of its content. However, this type of behavior can be 

classified as non-interactive. Contrarily, interactive behavior requires active posting and 

commenting, which can be collaborative, when members have a positive and pacific approach 

to the group, or hostile, when members engage in a negative way with the group by causing 

unnecessary and aggressive conflicts.  

Valck et al. (2009) also contributed to this discussion by studying what they call 

virtual communities of consumption, groups whose online interactions are based upon their 

common interest for a specific product, service, or activity and their respective knowledge of 
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it. Their observations agree with Burnett’s classification of behaviors cited previously, a 

dichotomy between posters (interactive members) and lurkers (non-interactive members). 

Recognizing the nuances that exist in these two categories of users, Valck et al. (2009) 

created six clusters to classify a virtual communities’ members.   

The clusters were created based upon a quantitative analysis that measured the 

members’ following attitudes: frequency of visits, duration of visits, retrieve information, 

supply information, and discuss information. The first and smallest cluster of members are the 

core members, the most active participants within the community, whose scores are above 

average in every variable analysed. The second cluster are the conversationalists, who make 

frequent but short visits to the community and always engage in discussing information. 

The third cluster is the informationalists, participants who enjoy accessing and 

supplying information but do not engage a lot in discussing it with other members. The 

hobbyists present an interest behavior as they spend a lot of time checking the virtual 

community, but their active engagement is discreet. The fifth cluster, the functionalists have 

as their main objective to just retrieve information from the virtual community to their desire. 

And finally, the opportunists tend to not only have a non-interactive behavior, but also hardly 

access the virtual community.  

Regardless of the type of virtual community, Solomon (2019) described this high level 

of connectivity between internet users as a horizontal revolution, since “communications no 

longer just flow top-down from companies and established media” (p. 419). As the influence 

of social media grows over time, new digital platforms continue to be launched, and more 

people join virtual communities, making the consumer decision-making a more complex 

process for marketers to manage.  

 

3.2.2 Decision-Making and Digital Culture 

 

The consumer decision-making process can be defined as “behavior patterns of 

consumers that precede, determine, and follow on the decision process for the acquisition of 

need satisfying products, ideas or services” (Du Plessis et al., 1991, as cited in Voramontri & 

Klieb, 2019, p. 212). Thus, all marketers face the challenge to uncover how they can influence 

consumers’ choices in favour of their products and services (Stankevich, 2017). To explain 

this process, many research models have been developed over the years. 

These models differ in complexity and approach, ranging from a rational perspective, 

where “people calmly and carefully integrate as much information as possible with what they 
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already know” (Solomon, 2019, p. 323), to cognitive models (e.g., Pavlovian model, Simon 

model), and psychological models (e.g., Maslow’s Pyramid, Smith & Rupp’s model) that 

regard decision-making as a process that involves more complex mental tasks, such as 

learning, motivation, and memory.  

Of the several frameworks available, the Engel, Kollatt, and Blackwell (EKB) model 

(1968) is considered to be one of the core theories in the field of consumer behavior (Ashman 

et al., 2015). This classic model establishes decision-making as a sequence of five stages: 

problem recognition, information search, evaluation of alternatives, purchase, and post-

purchase. Because it is a learning process, the likelihood of consumers making the same 

choice again will be based on how well a decision works out (Solomon, 2019).  

However, in the opinion of Melumad et al. (2020), advanced technologies have 

reshaped how consumers think, interact, and decide. The decision-making process has 

become far more complicated since technology has done more than merely expand the variety 

of informational platforms – it has also become an integral part of the process itself, through 

intelligently guiding, constricting, and supplanting consumer preferences.  

The consumer decision-making process starts when the individual experiences a 

discrepancy between their current state of affairs and their ideal state (Kotler & Keller, 2016; 

Solomon, 2019). This acknowledgement can arise in two ways: when there is a decline in the 

quality of the consumer’s actual state and there is a need recognition (e.g., running out of gas 

while driving), or when the consumer moves their ideal state upwards, which leads to an 

opportunity recognition to upgrade their actual state (e.g., wishing to buy a new car). 

This shift in the consumer’s state is influenced by internal stimulus, a basic impulse 

such as hunger and thirst, or by external stimulus, an outside influence like advertisement. 

Marketing operates in this phase of the decision-making process to create an intentional 

imbalance in the consumer’s perception of their actual state. Through the use of promotion 

tactics, marketers try to develop a scenario in which the consumer is driven to products and 

services as a means to achieve a desired state (Stankevich, 2017). 

Higgins (1987) explained that people are motivated to eliminate the gap between their 

actual and ideal state to reduce emotional vulnerabilities. The rise of social media has deeply 

contributed to an increase in social comparison that makes people downgrade themselves in 

relation to others (Warrender & Milne, 2020). As unrealistic standards of life are promoted 

online, consumers are constantly triggered to perceive an imbalance in their selves, which 

foments more events of problem recognition.
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After identifying a problem, the consumer moves to the phase of information search, 

looking for appropriate data to make the best decision to solve their need. The amount of time 

spent on this stage of the decision-making process will vary depending on the complexity of 

the purchase, which changes based on the level of involvement and knowledge the person has 

with and of the product or service, as well as the financial investment that will be required 

(Voramontri & Klieb, 2019).  

Solomon (2019) stated that there is an inverted-U relationship between product 

knowledge and search effort, making the people with moderate information the ones who 

dedicate more time to gather it. This is attributed to the fact that consumers with limited 

expertise may not feel competent enough to do a specific type of information search, while 

experts on a subject would be able to do it more selectively and efficiently. 

The consumer will look for this information through internal and external sources 

(Stankevich, 2017). In an internal information search the consumer consults their own 

memory and previous learning to assemble past experiences about it. Likewise, they also 

consider external information such as friends’ advice, and marketing-controlled 

communication.   

The widespread use of personal technological devices over the past decade, such as 

smartphones, has changed the way consumers browse products and search for information 

(Warrender & Milne, 2020). This participatory digital culture has empowered the decision-

making process since it “has shifted our reliance away from professional sources of marketing 

information in favour of non-professional sources such as consumer reviews, search engines, 

blogs, branded social media pages or customer-created photo feeds” (Ashman et al., 2015, p. 

135). 

Yet, Solomon (2019) stated that rather than taking advantage of the many sources that 

the internet provides, machine-learning algorithms developed by companies like Facebook 

and Google attempt to learn the consumer’s preferences from past choices and select search 

results based upon the collection of personal data. Pariser (2011) called this phenomenon 

filter-bubble, a personalized digital world that allows consumers to receive targeted content 

that matches their interests and can help to solve their problems. 

Upon having enough information on their potential purchase, the consumer starts the 

evaluation of alternatives. First, they create an evoked set of alternatives, which consists of all 

the brands they know of in a given category of product or service. After, based on eliminating 

characteristics, they further shrink the possible choices to a consideration set, which
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contemplates all the brands that will be seriously considered to be chosen (Kotler & Keller, 

2016; Solomon, 2019).  

During this moment, consumers will go through a series of deliberations to choose a 

final product (Stankevich, 2017). This process is considered to be extremely personal as each 

consumer has their own criteria of what attributes are more relevant, which can include price 

range, brand reputation, and quality, among others. This stage of the decision-making process 

is intricately intertwined with information search, “and consumers often move back and forth 

between the two” (Voramontri & Klieb, 2019, p. 214). 

Melumad et al. (2020) claimed that the strong bond many consumers form with their 

smartphone is a psychological comfort in moments of stress. To the extent that the human-

technology engagement is a source of positive affect, “consumers making choices on their 

smartphones may be more prone to seek variety, be more open to considering innovations, 

and be more likely to assume risk” (p. 93).  

Other enriched visualization technologies have been recently adopted on e-commerce 

retails to allow customers a more augmented experience while shopping online, such as 

virtual dressing rooms that simulates what clothing items would look like on oneself 

(Melumad et al., 2020). Consumers can also customize their online environment using tools 

available on digital platforms that enable tangible categorisation of the alternatives available 

for a desired purchase (Ashman et al., 2015).  

After forming preferences, the consumer decides on a purchase intention and 

additional decisions may be necessary, such as when and where to buy (Kotler & Keller, 

2016). Stankevich (2017) stated that there might be a delay between the formation of a 

purchase intention and the actual purchase depending on the decision. Solomon (2019) 

supported this fact recalling that “the decision rules that guide our choices range from simple 

and quick strategies to complicated processes that require a lot of attention and cognitive 

processing” (p. 328).  

According to Blazquez (2014), the shopping experience is fundamental to create 

perceptions of value and not dissuade the consumer from their choice. Kotler and Keller 

(2016) highlighted two general factors that can intervene up to the moment the purchase is 

finalized: the attitude of others towards the consumer’s choice (e.g., receiving negativism and 

bad critics), and unanticipated situational factors (e.g., lack of stock and price increase). 

The digital economy has expanded consumers’ options in both where they shop and 

what they shop for. At the touch of a screen, they can access multiple marketplaces around the 

world and have products from practically anywhere delivered to their door. Platforms that
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present recommender systems, comparison matrixes, and ranking lists may also play an 

important role in getting validation for the consumer’s decision and reducing possible 

functional, social, and financial risks (Ashman et al., 2015). 

The fifth and last stage of the decision-making process is the post-purchase evaluation, 

in which consumers experience the product or service selected and decide whether it meets 

their expectations (Solomon, 2019). By comparing presumptions to the actual performance, a 

certain level of satisfaction or dissatisfaction is achieved. According to Ashman et al. (2015), 

consumers can have three types of reaction to the decision’s outcome: positive 

disconfirmation, neutral response, or negative disconfirmation. 

If the consumer considers the product or service to have matched or exceeded their 

expectations, it increases the chances of it being purchased again. In the case of negative 

feedback, the consumer might never buy from the brand again and may also not recommend it 

to their peers (Stankevich, 2017). However, it must be noted that consumer satisfaction relies 

on the whole decision-making experience, which makes it necessary for marketers to draw 

attention to the entire process.  

The participatory culture allows consumers to give feedback on their shopping 

experiences, influencing numerous other users. Having the internet as an increasingly reliable 

source of information, more participative users have started to analyse products and services 

to post on social media. The popularization of this type of content has given several people a 

large online following that allows them to monetize their content and become their own 

personal brand as digital influencers (Ashman et al., 2015). 

However, today post-purchase evaluation works for both customers and service 

providers through the process of social scoring (Solomon, 2019). On sharing economy 

platforms like Airbnb and Uber, users get rated on their behavior, which can influence their 

future attempts to book a room or order transportation. This new transparency makes the 

relationship between customer and service provider more equal in terms of their rights and 

duties to one another. 

Furthermore, social media has also been used for consumers to validate their 

purchases, since they engage in a digital self-presentation to enhance their identities. 

Therefore, individuals may use their profiles to display possessions and experiences expecting 

to receive approval from their peers. The feedback received may impact the consumers’ final 

level of satisfaction and future behavior, since individuals also make decisions wishing to fit 

into their reference groups. Consequently, this high level of online influence has demanded 

changes in how companies approach their target audience. 
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3.2.3 Branding in the Digital Era 

 

The scale with which technology affects consumer behavior required adaptation in 

terms of the manner with which marketers manage consumer-brand relationships, as they are 

crucial for companies’ success (Fournier, 1998). At a basic level, brand loyalty provides 

financial benefits as it makes consumers more willing to pay a higher price, buy more often, 

and be more receptive to new offers. However, strong consumer-brand relationships carry a 

higher level of complexity and importance as they have a great deal of social meaning that 

helps shape consumers’ lives and influencing interactions (Keller, 2012). 

The increased mobility and connectivity powered by social media changed the way 

consumers interact with brands (Swaminathan et al., 2020). Traditionally, marketers had the 

job to curate and control all messages and content surrounding a brand and its products and 

services, which was transformed with the rise of digital participatory culture where consumer-

to-consumer (C2C) interactions freely take place through UGC (Kim & Thompson, 2015). 

Accordingly, most organizations were compelled to investigate these digital platforms 

to design, develop, and promote their social media presence in accordance with their brand 

equity (Vithayathil et al., 2020). This process has revolutionized marketing since 

implementing social media strategies has enabled a rapid spread of information to a large 

audience (Baum et al., 2019) and has also facilitated relational exchange through consumer 

engagement (Harrigan et al., 2018).  

Gómez-Suárez et al. (2017) outlined that nowadays most companies understand the 

importance of consumer engagement and know that it needs to be at the centre of their 

marketing strategy. This is imperative for businesses because, through social media, engaged 

consumers become online brand advertisers, and the information propagated in the form of 

UGC is pervasive in shaping fellow consumers’ attitudes, cognition, and behavior (Sheng, 

2019).  

Hence, hyperconnectivity has led to great changes in branding. Companies had to 

acknowledge the concept of shared ownership, as heightened access to information has 

empowered more stakeholders to co-create brand experiences and meanings alongside 

traditional brand owners, a phenomenon Swaminathan et al. (2020) called the “blurring of 

branding boundaries”. In this process, new marketing approaches arose as a response to this 

challenging scenario by actively involving consumers in companies’ activities. 

Kim & Thompson (2015) defended that traditional customer relationship management 

(CRM) strategies, which aim at engaging consumers in one-to-one relationships, are
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impractical in the digital environment due to how relationships are established. Instead, 

marketers must employ what he defined as customer-to-customer relationship management 

(CCRM) strategies, “which require marketers to select the appropriate role they wish to 

assume within a consumer community” (p. 186).  

Another activity that became crucial for enhancing business performance is the use of 

social media marketing (SMM). Felix et al. (2017) defined SMM as an interdisciplinary and 

cross-functional concept that combines social media and other communication channels to 

achieve organizational goals by creating value to stakeholders. This practice can take many 

forms (e.g., responding to consumers’ comments and developing exclusive content) and seeks 

“to motivate consumers to actively participate and contribute to the marketing activities as 

pseudo-marketers” (Harmeking et al., 2017, p. 312, as cited in Sheng, 2019, p. 42).    

The challenges introduced by digital culture reinforced that understanding consumer 

behavior is good business. Technology has enabled a great set of capabilities to help 

companies respond to the changing environment, permitting the collection of information 

about markets, customers, prospects, and competitors. As “spheres of interaction and 

influence become more and more virtual” (Valck et al., 2009, p. 185), it increases the need for 

marketers to invest in research methods that are able to extract specific knowledge on how 

consumers behave online. 

 

3.3 Doing Research Online 

 

The proliferation of social networks promotes an environment of consumer 

participation where a large volume of data is created (Sharma et al., 2018). As more people 

use the internet as a sophisticated communication device, a growing number of online 

communities and other technology-mediated cultures have become a greater part of 

contemporary society (Bowler, 2010; Kozinets, 2010). Consequently, marketers found that in 

order to maintain a successful business practice, following customers’ activities online is key 

(Heinonen & Medberg, 2018).  

Since much of the information available online is public, collecting and analysing this 

vast data resource can be used for better decision-making and improvement of products and 

services (Heinonen & Medberg, 2018; Sharma et al., 2018). Therefore, emergent methods in 

social research started being developed to enable organizations to remain flexible and open to 

modifications in traditional methods (Hesse-Biber & Leavy, 2008). 
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One of the most important research methodologies to study the realm of the virtual 

world is netnography, developed by Robert V. Kozinets in 1997. This approach consists of “a 

specialized form of ethnographic research adapted to the unique computer-mediated 

contingencies of today’s social worlds” (Kozinets, 2010, p. 1). Developed in the area of 

marketing and consumer behavior, netnographic studies rapidly gained popularity over the 

years among both researchers and practitioners (Kozinets, 2015).  

Originating from ethnography, netnography uses a participant-observational approach 

to understand a cultural or communal phenomenon through the immersion of the researcher in 

the life of the subject studied (Kozinets, 2010). Due to its similarities with how ethnographic 

studies are conducted some authors regard netnography simply as an extension of 

ethnography itself (Gaston, 2011; Grincheva, 2014), although “the more established view is 

that netnography is a distinct research method, with its own set of methodological guidelines” 

(Heinonen & Medberg, 2018, p. 658). 

Kozinets (2010) argued that referring to netnography as a practice beyond 

ethnography is significant since face-to-face and computer-mediated social interactions are 

highly distinct from each other. He exposed those crucial differences in four aspects. First, is 

the alteration in the nature of the social interactions being carried out, which follows the rules 

of the technological medium used. Next is the anonymity that the internet allows to its users 

and the wide accessibility of many and simultaneous interactions. Lastly, there is the 

archiving of those conversations and data shared online, which does not automatically occur 

with in-person interactions.  

Accordingly, it must be noted that netnography can be incorporated into other 

methods of study to help reach the researcher’s objectives and questions. Additionally, 

netnographic studies can also opt to use complementary techniques and approaches to 

examine multiple facets of online activity. The use of netnography – as a main or additional 

methodology – signals “not only the presence but the gravity of the online component” for the 

subject of study (Kozinets, 2010, p. 60).  

Thus, netnography aims to provide a view into the symbolic world people inhabit as 

they use the web through a vast amount of information that can be individually or collectively 

produced and registered in many forms, such as text, photos, videos, and music (Kozinets, 

2015). This type of data is often described as being naturalistic and unobtrusive, which allows 

an accurate depiction of consumers’ everyday life, opinions, habits, and behavior (Sharma et 

al., 2018; Heinonen & Medberg, 2018). 
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Not surprisingly, netnography has been applied in the marketing field of research to 

various phenomena of interest. Over the years, as consumers have become more active online, 

netnography has also broadened its usage beyond studying virtual communities. Its great 

accessibility to a broad cohort of data makes netnography a flexible method that can be 

successfully applied in understanding topics such as online branding, consumption 

experiences, co-creation, consumer identity, brand communities and even anti-consumption 

movements (Heinonen & Medberg, 2018).  

This way, the usage of netnography in the area of marketing aids companies in 

probing the consumer’ subconscious in order to understand their expectations and derive 

insights on market gaps (Sharma et al., 2018). Yet, Kozinets (2010) emphasized that for 

marketers to conduct this type of research it is important to follow ethical protocols. This 

transparency is perceived as necessary since the regulation of the internet is still an open 

subject that brings issues regarding privacy and how online data should be treated.  

For balance, it must be noted that there are limitations and critics to the applicability 

of netnography. Prior and Miller (2012), as cited in Toledano (2017), stated the method fails 

to capture the offline interactions among users of social networks, which could produce a 

dissonant understanding on how people behave in the ‘real world’ compared to how they 

portray themselves online. Moreover, Heinonen and Medberg (2018) pointed that 

netnography “takes more time and requires more skill than traditional customer satisfaction 

surveys, feedback forms or online polls” (p. 670). 

Mkono (2013) also raised concerns regarding the suitability of netnography for 

research that is sensitive to demographic factors since it is more difficult to establish those 

filters through online information. Indeed, ensuring a proper selection of how research 

material will be collected is crucial to guarantee quality of information and to avoid 

generalizing its findings to groups outside the chosen sample.  

In fact, being such an adaptable methodology has not only expanded netnography’s 

popularity throughout the years in marketing research but also has resulted in a dilution of its 

traditional principles. Nevertheless, Kozinets (2015) recognized that a reinvention of the 

method is inevitable due to the fact that as consumers’ use of technology evolves, so do the 

concepts of culture and community. However, he defended that this should not be left up to 

individual claim because adherence to a standard set of practices helps to aggregate common 

knowledge.  

Hence, a renewed methodological view on netnography must constantly be conducted 

in order to discuss broader applications and approaches than initially envisioned in the late 
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1990s (Kozinets et al., 2018). Coombes & Jones (2020) argued that this leaves room for the 

expansion of auto-netnography, an approach that “allows researchers to capture their own 

online experiences as a consumer would through their own social observation” (p. 662).  

Kozinets (2015) had already pictured auto-netnography as a progressive extension of 

his original method and claimed that performing a self-reflection on their own behavior online 

can contribute to identifying market insights and understanding social phenomena. According 

to Villegas (2018), this approach can be applied autonomously or as a complementary method 

and enables managers to develop their introspective skills, which could open new areas of 

inquiry in the field of marketing and evolve management practices.  

Another popular proposed approach to develop the netnographic methodology is the 

concept of more-than-human netnography. It recognises that researching technology-mediated 

social practices and sociability that operates across time and space, and involves human and 

non-human actors, is extremely complex and should not be reduced to clinical accounts of a 

methodological procedure (Lugosi & Quinton, 2018). On this matter, Lugosi and Quinton 

(2018) go against Kozinets’ defence for defining a set of standard techniques for the practice 

of netnography, as they support researchers should “embrace the messy and often 

serendipitous intricacies of knowledge creation” by innovating in their questions, domains, 

and techniques (p. 304).  

By analysing some of the work that has been done on netnography, it became clear 

that as the subjects of study for marketing changed, so must the tools used to comprehend 

them. Just as any other framework of study, netnography must constantly evolve to still be 

able to attend to marketers needs in understanding consumer behavior. However, its 

contribution to the marketing landscape that has undergone great changes with the advent of 

the internet is undeniable.  

 

4. Research  

 

The literature review has demonstrated that the evolution of the practice of marketing 

is intrinsically connected to the emergence of new technologies that had the power to reshape 

society and consumption. As the digital environment grows each day as a fundamental part of 

peoples’ lives, marketers gained the opportunity to conduct qualitative research online. Thus, 

to further investigate this matter, this section of the dissertation presents a primary research 

conducted with the goal of illustrating the working dynamics of virtual communities and the 

relevance of netnography in practical terms.
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The research followed the logic of inductive reasoning, whereby specific observations 

lead to general conclusions with the aid of analysis and empirical data. First, a netnography 

was conducted within a particular virtual community in order to gain insight into the group’s 

activities. Based on the observations made, a pattern of attitudes and behaviors were 

identified which led to the forming of a proposition on the variables that impact the level of 

engagement and involvement of the community in question. Then, a survey was carried out in 

order to test the validity of the hypothesis when applied generally to a wide range of 

indeterminate virtual communities.  

 

4.1 Netnography     

 

The netnography conducted followed Kozinets’ research guidelines (2010), which 

addresses successively the steps of definition of research questions, selection of fieldwork, 

entrée, data collection, data analysis, as well as its ethical concerns. Creswell (2009, as cited 

in Kozinets, 2010) asserted that ideal research questions should be selected in order to allow a 

broad exploration of the central phenomenon of interest. Therefore, this first part of the 

research concentrated on observing the following matters:  

 

• How do members interact with each other and with the virtual community 

itself? 

• What kind of information do members share with each other on the virtual 

community?  

• What are the most prominent and standout subjects discussed on the virtual 

community? 

 

In respect to the selection of a virtual community to investigate, Kozinets (2010) 

defended that an adequate fieldwork should fulfil some main characteristics. Primarily, it 

must be relevant by relating to the research focus and show recent and regular 

communications. Similarly important, the community’s interactivity has to be substantial in 

terms of the number of heterogeneous participants. By ensuring the presence of these features, 

the researcher can have access to rich, detailed, and descriptive data. 

After analysing several of the existent beauty communities on social media platforms, 

the forum r/beauty on Reddit was selected given its organization, diversity, and popularity. 

The community has over 380,000 members and it is self-described as “a guide for all things 
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beauty: makeup, fashion, health and wellness, tips, how-tos, and DIYs”. The publications’ 

content has been shown to be highly eloquent, which allows an unobtrusive observation of 

how members interact with one another.  

The usability and performance of the hosting platform was also taken into 

consideration for this selection. Reddit is a network launched in 2005 that has accumulated 

over 430 million MAUs as of 2019, an increase 30.3% from the year before (Dean, 2021). 

Due to the fact that it is organized in communities, the platform is considered to be a great 

way to connect with people of similar views and interests. Users have the freedom to join, 

post, and comment in whatever forum they wish, as long as they follow the specific rules 

settled on by the moderators.  

The r/beauty community has its whole content in English and does not have any 

indication of a primary location, which makes it widely international. However, it can be 

assumed that a large number of its members are based in the United States, since the majority 

of Reddit’s users are there (Statista, 2021d). The forum is moderated by nine people who are 

responsible for approving posts and ensuring members do not break any rules, which include 

the prohibition of spam, promotional messages, and pornography.  

When posting in the community, users need to choose a title for the publication that 

will appear on the group’s main page. If necessary, a more extensive body of text, image, 

video, link, or poll can be added. To make the subject clearer, the original poster (OP) can 

also opt to choose from one of the 12 pre-selected tags that best fits the topic: Seeking 

Advice, Skincare, Haircare, Makeup, Nails, Fashion, Survey, Discussion, Video, Makeup Of 

The Day (MOTD), Outfit Of The Day (OOTD), or Random.  

Kozinets (2010) stated that when a researcher joins the community under study – a 

step of the netnography called entrée – they should make their presence and intentions 

acknowledged. However, the author also pointed that there is no full consensus on this matter 

and that asking for consent to conduct the netnography can be exempt if the researcher 

preserves the members’ identity2, if the community’s content can be easily accessed, and if 

the community does not broach controversial issues. 

Nevertheless, it is important to emphasize that the process of data collection is 

interconnected with participation in the community, which means the researcher must not be 

invisible to other members but rather engage in some of the community’s activities. By doing

 
2 In this respect, all members that were subsequently quoted in this dissertation are referred to using an 
alphabetical letter instead of their usernames. 
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so, the researcher has access to three significant types of data that help answering their 

questions: archival data that originates from pre-existing communications in the community, 

elicited data that is co-created with other members, and field note data that the researcher 

records by observing the community, its members, and their interactions.  

This particular netnographic study was conducted over a 2-month period. To start, the 

researcher analysed all of the publications created during the 30 days prior to joining the 

forum. Once there was an initial understanding on how the group operates, the researcher 

began to occasionally actively participate in some discussions to get a personal sense of the 

community. The dataset was collected in the form of screenshots, printed, and afterwards 

archived for the process of interpretation (appendix A, p. 87).  

The data analysis was done manually considering the researcher’s preference to work 

this way and the fact that the dataset collected was not highly extensive. The publications 

were hand coded, clustered, and transferred to a digital spreadsheet for statistical purposes. 

Later, a hermeneutic analysis of the discussion threads was made aiming at a holistic 

understanding of the community and its impact on members as consumers. The main findings 

of the study are presented next. 

 

4.1.1 Netnographic Analysis  

 

4.1.1.1 High Level of Engagement   

 

The archived data collected summed to a total of 606 publications of which 573 were 

members’ own posts and 33 were paid promotions from Reddit, reaching a total of 109 paper 

print outs. Among the UGC, 13,380 likes and 8,404 comments were exchanged, which makes 

up for a general average of 23 likes and 14 comments per publication. Only eight discussion 

threads did not present any level of interaction (likes and comments = 0), while 63 surpassed 

the average (likes > 23 and comments > 14). Thirty-seven publications showed an outstanding 

engagement of over 100 likes, with 48% of them additionally receiving more than 100 

comments.  

 The statistics do not indicate a big discrepancy in the group’s activity during the week 

(Figure 5), which demonstrates that the community stays constantly active. Regarding the 12 

tags available for members to use, it can be noted that 30% of the posts did not include one. 

The tags Video, MOTD and OOTD were not mentioned in the data collected, while Seeking 

Advice had over double the number of publications compared to the second most applied tag, 
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Makeup (Figure 6). Interestingly, although the tag Discussion only makes up for 8% of the 

total, its percentage of engagement is one of the highest (Figure 7). 

By observing the working dynamics of the community, it was possible to attest that 

participants take time to read and respond, which generates a high organic engagement. They 

seek to fully understand the subject in question and are dedicated to answering in detail. It 

was also noted that after commenting on a post, some members tend to keep following what is 

being said by others, which encourages the emergence of independent debates within general 

publications (‘threads within threads’). An example of this can be seen in a post with 191 

likes and 169 comments made by Participant A who asks what members beauty hacks are.  

Participant B starts by recommending: “I’m older and my eyebrows are thinning and 

getting, blonde, white…gray! So I saw this moustache dye for men at the dollar tree, put it on 

my eyebrows for 10 minutes, and I look better”. She is backed-up by other members who 

have also tried the mentioned product, but Participant C takes the chance to question: “how’s 

your thyroid? A lot of women lose eyebrows, FYI. Myself included”, which results in a new 

conversation about medical problems and how events such as changes in hair appearance can 

actually be a sign of an underlying health condition. 

 

 

Note. Source: data collected by the researcher. 
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Note. Source: data collected by the researcher.  

 

 

Note. Source: data collected by the researcher.  
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which appears to be the main interest of members, since this type of discussion makes up for 

the massive majority of all of the 573 threads. Publications often presented expressions such 

as ‘how can I’, ‘how do you’, ‘the best’, ‘your favourite’, ’your secret’, where members seek 

others’ hacks and tips. Users who choose to engage in the discussions are willing to share 

their expertise by giving detailed advice on the subject.  

This evidence shows that members of the community tend to do research and be 

influenced by their peers in the decision-making process when looking for a beauty item. This 

seems to occur because products of personal care do not have just a practical purpose for 

consumers but also play a direct role in how they mind themselves and are perceived by 

others. Thus, getting recommendations from a group they believe to be credible can have a 

direct impact on their purchase intentions. 

Examples of both positive and negative influences can often be found in the discussion 

threads collected in this netnography. A post created by Participant D asks: “what is your 

favorite deodorant for hot weather?”. Brands such as Dove, Old Spice, Mitchum, Ban, and 

Native are mentioned as having great products that work in keeping the consumer feeling 

fresh and clean on a warm day. Another example has Participant E questioning on what the 

best waterproof mascara remover is, which leads to members making positive 

recommendations for products from Kiss Me Heroine, Garnier, Lancôme, and Clinique.  

At the opposite extreme, there are also extensive discussions on products that 

members did not have a good experience with. Consider, for example, the following 

discussion started again by Participant D: “what expensive beauty product is/was the biggest 

waste of money to you?”. In 193 comments, members detail their opinions on why certain 

products are not worth of what they are charged for. This showed to be categorically 

detrimental to high-end brands since consumers had expectations about them that were not 

fulfilled. Their sentiments are put into words as follows:  

 

“All La Mer products were a huge let down. I returned them all to Sephora after a 

splurge and the girl ringing me up couldn’t believe I would possibly return La Mer!” 

(Participant F) 

 

“Jo Malone Lotions - they don't last long and always end up smelling like play doh-

adjacent on my skin.” (Participant G)
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“Drunk Elephant products, specifically their C-firma. It’s expensive, it stinks, it’s 

sticky, it leaves a gross smell on my hands and it oxidises way too quickly. I 

purchased a bottle of Paula’s Choice Vitamin C serum for less than half the price and 

it does a much better job.” (Participant H) 

 

“Caudalie. I bought many products from the brand and all of them were shit. No 

difference at all on my skin, not even feeling moisturized or hydrated. Seems I'm 

applying dirty sink water to my face.” (Participant I) 

 

4.1.1.3 A Place of Trust 

 

Naturally, the forum participants extensively discuss their beauty experiences as 

previously demonstrated. However, evidence shows that there is a relation of trust in the 

community that goes beyond the exchange of information on products. It was noted during 

the study that participants feel comfortable in openly sharing their personal insecurities when 

it comes to their appearance to other members. This constitutes an important finding in the 

investigation due to the high engagement that these publications received.  

In total, there were 11 posts that broached debates on matters regarding problems of 

self-esteem, which represents just 2% of all of the threads studied. However, these 11 posts 

together add up to a total of 1,957 likes and 530 comments – an average of 178 likes and 48 

comments, a significant figure compared to the general average of 23 likes and 14 comments. 

More impressively, five of these posts have over 100 likes or comments. In fact, the two 

publications with the highest engagement of all the 573 discussions analysed touch on 

insecurity problems. 

One of them, with 572 likes and 119 comments, was started by Participant J, who 

shared that she is feeling anxious about no longer wearing a face mask since she enjoys 

having to hide her face. The comments that followed show other members sympathizing with 

the situation and saying they can relate to it. As the conversation continued, being in a 

judgment free space appeared to make the OP and other members feel less pressured as they 

realized more people are facing the same dilemma: 

  

“I am definitely with you, as someone with not-perfect teeth, wearing a mask 

definitely helped me feel more comfortable out in public.” (Participant K)
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“Same – I prefer to wear the face mask in public and I plan to continue wearing it.” 

(Participant L) 

 

“Same here! I have bad social anxiety and pretty shaky self-confidence 9/10 days so 

wearing a mask was like a godsend!” (Participant M) 

 

The most expressive publication collected during this netnography, which has 664 

likes and 116 comments, was initiated by Participant N, who expressed dissatisfaction with 

having a distorted perception of her own appearance when looking at pictures of herself in 

comparison to what she sees in the mirror. By the number of members following the 

discussion it is possible to acknowledge the great interest others have on the subject. Some 

commentators weighed on some possible justifications for why people can feel this way, 

while others communicated their personal experiences with it: 

 

“Some people are more ‘photogenic’ because they have angular faces and an amazing 

complexion which capture light better on camera. They may also know their angles 

and how to pose better in photos.” (Participant O) 

 

“I don’t think cameras or cell phones capture what you really look like. Take people 

you know for example...I can think of photos of my family or friends where they don’t 

look like they do in the photos, especially selfies.” (Participant P) 

 

“I have the same issue! Glad to hear I’m not alone.” (Participant Q) 

 

“Are you me? I always feel this. I hate when people take pictures of me because I 

know I’m going to be sad because of how I look. Plus, I’ve noticed that when I smile 

with teeth, I look like I’m in pain lol.” (Participant R) 

 

The data interpretation indicates that participants open up about their vulnerabilities 

aiming at connecting with people who feel the same way and to find comfort in others’ 

advice, since there is a great sense of unity in the group. It is worth mentioning that the 

majority of members adopt a username and avatar that does not tend to disclose their real 

identities, which could work as a safety net that makes them feel more comfortable in sharing 

personal experiences to strangers.
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4.1.1.4 Unveiling Market Gaps 

 

Historically, most beauty and personal care brands have almost exclusively favoured 

attending and promoting female Western beauty standards. However, over the last decade 

consumers started to increasingly demand diversity and inclusion practices from brands. An 

article from Business of Fashion (2020) stated that almost two-thirds of consumers self-

proclaim themselves as belief-driven buyers, which means they will choose or avoid a brand 

based on how much they identify with them. 

The existent marketing literature shows that to construct a strong brand equity it is 

imperative for companies to participate in debates that are culturally relevant to the industry 

in which they are inserted. Being aware of the trends that have the greatest impact on the 

market helps brands in promoting identification, developing meaningful bonds, and 

understanding how the industry is evolving. This netnographic analysis reinforces this 

movement, as it has revealed that the virtual community is a place where members approach 

issues that are growing in importance for the industry. 

It was observed that participants addressed subjects that have the potential to provide 

insights over consumer targets that are not normally contemplated by beauty brands but that 

consume their products, trending features that consumers take in consideration when deciding 

on a purchase, as well as market gaps. Some examples of discussion threads that present a 

context that are of particular interest for businesses touch on subjects such as: male usage of 

cosmetics, search for natural products, DIY care, cruelty free brands, sustainability, and 

LGBTQIA+ representativeness.  

 

“19 male here. I have no skin routine – undereye dark circles”. (Participant S) 

 

“Is it socially acceptable for men to wear lip gloss if it’s a nude color?” (Participant T) 

 

“Cruelty free liners for wings?” (Participant U) 

 

“I’m a 33 yo transgender woman. I just started my journey to the womanhood. I want 

to be as feminine as possible and strengthen my womanliness in every level, outside 

and inside. What is your advice for me? I need guide for [sic] real women.” 

(Participant V)
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“Is the Dr Organic argan oil 100% pure argan oil like it claims?” (Participant W)  

 

“Is sustainable beauty a fad? Is sustainability a trend, or do we think it’s here to stay?” 

(Participant Y) 

 

“I’m looking for some recommendations for clean, non-toxic products. I have a family 

member who just had a scan and found a mass on one of their organs and it has shifted 

my perspective to try to be more conscientious of the products I am using.” 

(Participant X) 

 

“22M Can u advise me good self tanners for face and body? I m starting to self tan as 

a routine, don’t want to look pale anymore.” (Participant Z) 

 

4.2 Conceptual Model 

 

Through the key findings of the netnographic analysis conducted within the r/beauty 

community presented previously, three main attitudes were identified that seem to influence 

how members interact with the group and with each other: the belief in a sense of community, 

the perception of beneficial value in the community, and the trust in the community’s UGC. 

In turn, these three attitudes appear to be directly related to the level of engagement and 

involvement shown in the group (Figure 8).  

 

Figure 8 
 

Conceptual Model 
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The conceptual model proposes that a strong sense of community, a high perception of 

value, and a significant trust in the UGC influence the level of engagement and involvement a 

member has within a virtual community. Following the principles of induction, this model is 

therefore taken as a generalization that may hold true for all virtual communities. In order to 

test its validity, a survey was undertaken to gather empirical data that measures the correlation 

between the variables as follows:  

 

Hypothesis 1: the belief in a sense of community influences a member’s likelihood to engage 

in the virtual community. 

 

Hypothesis 2: the perception of beneficial value in the virtual community influences a 

member’s likelihood to engage in the virtual community. 

 

Hypothesis 3: the trust in the community’s UGC influences a member’s likelihood to engage 

in the virtual community. 

 

Hypothesis 4: the level of engagement a member has with the virtual community influences 

the level of involvement the member has with the virtual community. 

 

4.3 Survey  

 

Since the model’s proposition relies primarily on the members’ attitudes towards an 

online group, the survey targeted any person who participates in a virtual community of 

consumption. It was imperative to specify that the forum needed to have its focus on a shared 

interest for a consumption activity as the hypothesis under test were made based upon the 

observations derived from the r/beauty community, which falls under this category.  

An online survey was the methodology chosen for this exploration since it is 

considered to be a great complement to netnography in gaining an overview on online social 

experiences (Kozinets, 2015). The survey was made available on the platform Qualtrics, 

where it is possible to create tables and charts that summarize the data collected and also 

export it to the software SPSS by IBM, which calculates more advanced statistics on the 

questions. The questionnaire (appendix B, p. 196) was openly shared on Facebook, Reddit, 

and Survey Circle from 6th of October 2021 to 20th of October 2021. 
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4.3.1 Structure 

 

• Part 1: Filtering  

 

This section of the survey was aimed at selecting valid respondents to the research, 

which targeted people who are members of a virtual community of consumption. 

 

1) Are you a member of a virtual community of consumption? (multiple choice/yes or 

no/required) 

 

( ) Yes – follow to the next question 

( ) No – end of the survey 

 

Part 2: Usage 

 

This section of the survey was aimed at gathering information on the platform that 

hosts the virtual community the respondent is a member of and the frequency with which they 

access the online group.  

 

2)  What type of platform hosts the virtual community you are a member of? (multiple 

choice3/categories/required) 

 

( ) Social Media 

( ) Internet Forum/Message Board 

( ) Paid Mobile App 

( ) Brand Website 

( ) Other – insert text 

 

3) On average, how often do you access the virtual community you are a member of? 

(multiple choice/categories/required)

 
3 Since people can participate in more than one virtual community, it was requested for respondents to 
consider the one they access the most to avoid conflicts of opinion during the survey. 
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( ) More than once a day 

( ) Once a day 

( ) Every couple of days 

( ) Once a week 

( ) Monthly 

( ) Almost never 

( ) Never 

 

• Part 3: Attitudes 

 

This section of the survey was aimed at measuring the respondents’ attitudes that 

constitute the conceptual model being tested. For each one of the three attitudes, one 

marketing measurement scale was used as reference but adapted when necessary to be in 

accordance with the object of study. 

 

a) Attitude #1: belief in the sense of community 

 

To analyse this attitude, the scale chosen was ‘attitude toward the website 

(community)’, developed by Srinivasan, Anderson, and Ponnavolu (2002) as part of a large 

set of studies developed on the grounds of e-loyalty. The scale originally contains five seven-

point Likert-type statements (strongly disagree/strongly agree) that measure the extent to 

which a person believes the website provides consumers with the opportunity to share useful 

information (Bruner II, 2009). The focus of the statements was changed from ‘website’ to 

‘virtual community’. 

 

4) To what extent do you agree with the following statements regarding the virtual 

community you are a member of? (Likert/statements/required) 

 

ST1: Members share experiences about products/services with other members of the 

community  

ST2: The community is not useful for gathering information on products/services 

ST3: Members of the community benefit from the information found in it  

ST4: Members of the community share a common bond with one another 

ST5: Members of the community are not strongly affiliated with one another 
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b) Attitude #2: perception of beneficial value in the virtual community  

 

To analyse this attitude, the scale chosen was ‘attitude toward the website (cognitive)’, 

developed by Sundar and Kalyanaraman (2004). The scale originally contains five seven-

point unipolar items (describes very poorly/describes very well) that measure a person’s 

attitude about a certain website with a slight emphasis on the cognitive aspect of the attitude 

(Bruner II, 2009). The focus of the question was changed from ‘website’ to ‘virtual 

community’. 

 

5) To what extent do the following features describe the virtual community you are a 

member of? (slider/items/required) 

 

Informative  

Useful  

Positive  

Favourable  

Good  

 

c) Attitude #3: trust in the community’s UGC  

 

To analyse this attitude, the scale chosen was ‘attitude toward the website 

(credibility)’, used by Rodgers (2004). The scale originally contains 11 seven-point semantic 

differentials that measure the degree to which a person believes that the information provided 

at a website is trustworthy (Bruner II, 2009). The focus of the question was changed from 

‘website’ to ‘virtual community’, and only six of the 11 features were chosen in order to 

avoid ambiguity in the responses. 

 

6) How would you describe the information provided in the virtual community you are a 

member of? (bipolar/semantic differentials/required) 

 

Untrustworthy/Trustworthy 

Not credible/Credible 

Not knowledgeable/Knowledgeable 

Not qualified/Qualified
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Unethical/Ethical 

Not objective/Objective 

 

• Part 4: Level of Engagement 

 

This section of the survey was aimed at measuring the level of engagement 

respondents have with the virtual community they are a member of. To analyse this matter, 

the scale ‘intention to recommend’, was used as reference. It originally contains three seven-

point Likert-type statements (highly unlikely/highly likely) that are used to measure a 

customer’s likelihood of suggesting a product or brand to others (Bruner II, 2009). However, 

since the survey does not focus on any specific type of recommendation, a decision was made 

to adapt the first statement of the scale to broaden the scope of the questions being proposed 

to respondents.  

 

7) How would you characterize the following statements regarding your engagement in 

the virtual community you are a member of? (Likert/statements/required) 

 

ST1: How likely are you to share a positive recommendation about a product/service 

in the virtual community?  

ST2: How likely are you to share a negative recommendation about a product/service 

in the virtual community?  

 

• Part 5: Level of Involvement 

 

This section was aimed at measuring the level of involvement respondents have with 

the virtual community they are a member of. To analyse this matter, the Personal Involvement 

Inventory (PII) developed by Zaichkowsky (1985) was used. This scale originally contains 20 

seven-point semantic differentials that are easily customized and measures the enduring and 

intrinsic relevance of an object to a person (Bruner II, 2009). The focus of the question was 

changed from ‘website’ to ‘virtual community’, and 14 of the 20 features were chosen in 

order to avoid ambiguity in the responses. 

 

8) How would you describe the relevance of the virtual community to you? 

(bipolar/semantic differentials/required)
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Unimportant/Important 

Irrelevant/Relevant 

Means nothing to me/Means a lot to me 

Useless/Useful 

Worthless/Valuable 

Trivial/Fundamental 

Not beneficial/Beneficial 

Doesn’t matter/Matters to me 

Insignificant/Significant 

Boring/Interesting 

Unexciting/Exciting 

Nonessential/Essential 

Not needed/Needed 

Uninvolving/Involving 

 

• Part 6: Profiling  

 

This section of the survey was aimed at gathering information on basic demographic 

information on the respondents for statistical purposes.  

 

9) Your gender: (multiple choice/categories/required) 

 

( ) Female 

( ) Male 

( ) Non-binary/Third gender 

( ) Prefer not to say  

 

10) Your generation: (multiple choice/categories/required) 

 

( ) Gen Z (1997-2012) 

( ) Millennials (1981-1996) 

( ) Gen X (1965-1980)  

( ) Boomers (1946-1964) 

( ) Silent (1928-1945)
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4.3.2 Sampling 

 

The investigation was based on a non-probability purposive sampling. A total of 203 

responses were gathered through the online survey and, of those, 159 were considered valid 

for meeting the requirement of participating in a virtual community of consumption. The most 

relevant fact that corroborates this sample size is the vastness of the population studied. 

Although there is estimated data on the number of internet users around the world, there is no 

evidence capable of determining how many of those people are members of virtual 

communities of consumption.  

Therefore, the use of this sampling technique is appropriate to the present 

investigation since it is not limited by its size but by features established by the researcher that 

guarantee that the respondent is pertinent to fulfilling the objective of the study (question 1 of 

the survey). Additionally, non-probability purposive samples also turn out to be highly 

beneficial due to their effectiveness in terms of cost, time, and ability to explore 

anthropological phenomena of a specific group. 

 

4.3.3 Descriptive Results 

 

Regarding the profile of the sample analysed (n = 159), 64.15% were female, 31.45% 

were male, 3.14% were non-binary/third gender, and 1.26% preferred not to say (Figure 9). 

Generation wise, 57.23% were Millennials (1981-1996), 29.56% were Gen Z (1997-2012), 

10.69% were Gen X (1965-1980), 2.52% were Boomers (1946-1964), and 0% were from the 

Silent Generation (1928-1945) – an occurrence to be expected given the nature of the 

investigation (Figure 10)4. 

 
4 The original tables exported from SPSS can be consulted in appendix C (p. 201).   
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As for the features of usage, social media was the most common choice as the 

platform that hosts the virtual community the respondent is a member of (83.65%), followed 

by internet forum/message board (10.06%), brand website (3.14%), other (3.14%), and paid 

mobile app (0%). Respondents who marked the option ‘other’ mentioned Google Meets, 

Zoom, Discord, WhatsApp, and Telegram as the platforms that host the virtual community 

they are a member of (Figure 11).
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In terms of the frequency with which the respondents access the community, 40.25% 

said they use it more than once a day, 22.64% once a day, 22.64% every couple of days, 

6.29% once a week, 5.66% monthly, 2.52% almost never, and 0% said they access the 

community never (Figure 12). This distribution shows that the virtual communities are on 

some level an active part of the member’s life. 
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In order to comprehend the belief in the sense of community, which is the first attitude 

in the conceptual model proposed, the survey applied the scale ‘attitude toward the website 

(community)’. As detailed in the previous section, this scale contains five seven-point Likert 

type statements that allow the individual to express how much they agree or disagree with the 

given statement in the following order: (1) strongly disagree, (2) disagree, (3) somewhat 

disagree, (4) neither agree or disagree, (5) somewhat agree, (6) agree, and (7) strongly agree. 

Considering that the scale is presented in an ascending order, the higher the mean of 

response, the higher the sample’s agreement with the respective statement. On the contrary, 

the lower the mean of response, the lower the sample’s agreement with the respective 

statement. However, it should be noted that the scale uses positive and negative indicators for 

ensuring reliability of the data. Therefore, it should be expected that the results from the 

positive statements are opposed to the results of the negative statements.  

 

 

 

Statement Min Max Mean 

#1 Members share experiences about products/services with 

other members of the community 
2.00 7.00 6.04 

#2 The community is not useful for gathering information on 

products/services 
1.00 7.00 2.48 

#3 Members of the community benefit from the information 

found in it 
3.00 7.00 6.11 

#4 Members of the community share a common bond with one 

another 
1.00 7.00 5.55 

#5 Members of the community are not strongly affiliated with 

one another 
1.00 7.00 4.04 

 

 

Table 2 shows that respondents had a high level of agreement with statement #1 

‘members share experiences about products/services with other members of the community’ 

(6.04) and statement #3 ‘members of the community benefit from the information found in it’ 

(6.11). Statement #2, ‘the community is not useful for gathering information on 

products/services’ was proposed as the reversed item to statement #3 and had a low level of 

Table 2 
 

Scale 1 (Community): Minimum, Maximum, and Mean  
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agreement (2.48), which adds to the accuracy of the dataset since the means are expected to 

be divergent.  

Statement #4 ‘members of the community share a common bond with one another’ 

presented a high level of agreement (5.55). However, its reversed item, statement #5 

‘members of the community are not strongly affiliated with one another’ exhibited a moderate 

high level of agreement (4.04), which contradicts the results expected. It is possible to infer 

then that respondents did not perceive the two collocations as opposites, but as expressing two 

different types of possible relationships between members: a common bond based on a shared 

interest for a consumption activity and a strong affiliation based on friendship ties. 

To further confirm the results from this first scale, Table 3 presents the median and 

mode of the statements to indicate the central tendency of response. These additional statistics 

are important to be analysed because Likert scales are considered to be ordinal data5, which 

means performing arithmetic operations can be limiting. Still, it can be observed below that 

all the indicators analysed are compatible with the conclusions drawn by the mean. 

 

 

 
 

Statement Median Mode 

#1 Members share experiences about products/services with 

other members of the community 
6.00 7 

#2 The community is not useful for gathering information on 

products/services 
2.00 16 

#3 Members of the community benefit from the information 

found in it 
6.00 7 

#4 Members of the community share a common bond with one 

another 
6.00 6 

#5 Members of the community are not strongly affiliated with 

one another 
4.00 4 

 

 
5 Ordinal data is a type of statistical data where the distance between the categories of evaluation is not 
known.  
6 In the case of more than one mode, the lowest value is showed.  

Table 3 
 

Scale 1 (Community): Median and Mode 
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The scale ‘attitude toward the website (cognitive)’ of the survey was applied to 

measure the second attitude of the conceptual model proposed in this research: perception of 

beneficial value in the virtual community. This scale contains five seven-point unipolar items 

that allow the respondent to evaluate the presence or absence of a set of qualities of a virtual 

community. Thus, the higher the mean of the responses, the better the respective attribute was 

judged since all of the items relate to a positive cognitive association.  

 

 
 

Item Min Max Mean Std Deviation 

Informative 2.00 7.00 5.95 1.07 

Useful 1.00 7.00 5.86 1.15 

Positive 1.00 7.00 5.23 1.44 

Favourable 1.00 7.00 5.34 1.17 

Good 1.00 7.00 5.66 1.17 

 

  

Results from this scale (Table 4) demonstrate that the sample have a general positive 

perception of the virtual communities they are a member of, considering them in an ascending 

order: positive (5.23), favourable (5.34), good (5.66), useful (5.86), and informative (5.95). 

The opposite pattern of order was found in the standard deviation of each item: informative 

(1.07), useful (1.15), good (1.17), favourable (1.17), and positive (1.44). This set of values 

shows that there is a low level of dispersion in the responses, which indicates a certain 

homogeneity in the respondents’ opinions on this matter.  

The final attitude of the conceptual model mapped by the survey was the trust in the 

community’s UGC through the use of the scale ‘attitude toward the website (credibility)’. 

This bipolar scale contains six seven-point semantic differentials that allow the psychological 

measurement of the respondents’ perspective on the information available on the virtual 

community. To better illustrate the respective results, after calculating the mean of the dataset 

collected (Table 5), a polarity chart was generated based on a technique developed by Charles 

E. Osgood in the 1950s (Figure 13).

Table 4 
 

Scale 2 (Cognitive): Minimum, Maximum, Mean and Standard Deviation  
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Note. This method presents a ranking between the contrasting adjectives from -3 to +3 having 0 as a 

neutral point. Each item equivalent value is found using the calculated mean.  

 

As it is evident in the chart, the items were best rated in the following order: not 

knowledgeable/knowledgeable (5.58), untrustworthy/trustworthy (5.49), not credible/credible 

(5.45), unethical/ethical (5.44), not qualified/qualified (4.97), and objective/objective (4.78). 

Considering these values, the aggregate response for each item was on the positive side of the 

Item Min Max Mean 

Untrustworthy/Trustworthy 1.00 7.00 5.49 

Not credible/Credible 2.00 7.00 5.45 

Not knowledgeable/Knowledgeable 1.00 7.00 5.58 

Not qualified/Qualified 1.00 7.00 4.97 

Unethical/Ethical 1.00 7.00 5.44 

Not objective/Objective 1.00 7.00 4.78 

Table 5 
 

Scale 3 (Credibility): Minimum, Maximum, and Mean 
 

Figure 13 
 

Scale 3 (Credibility): Semantic Differential Chart  
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chart, which shows that there is an optimistic perception of the information that is shared by 

members in the virtual communities each respondent is a member of.  

After measuring the three attitudes that compose the first part of the conceptual model, 

the survey evaluated the levels of engagement and involvement the sample has towards a 

virtual community of consumption. To start off, the scale ‘intention to recommend’ 

questioned the respondents on their likelihood to share a positive and negative opinion on a 

product/service on the group, following the order: (1) highly unlikely, (2) unlikely, (3) 

somewhat unlikely, (4) neutral, (5) somewhat likely, (6) likely, and (7) highly likely. 

 

 

 
 

 

 

Statement Min Max Mean 

#1 How likely are you to share a positive recommendation about 

a product/service in the virtual community? 
1.00 7.00 5.07 

#2 How likely are you to share a negative recommendation 

about a product/service in the virtual community? 
1.00 7.00 4.20 

 

 

Table 6 shows that respondents have a high likelihood to share a positive 

recommendation about a product or service (5.07) but a moderate likelihood to share a 

negative one (4.20). As it is shown by the minimum and maximum values reached (1.00 and 

7.00), there is more variability of responses in this scale that ended up affecting the mean. 

Following the same principle applied in the analysis of the scale 1 of the survey, the following 

table presents the median and mode of the two statements (Table 7).

Table 6 
 

Scale 4 (Intention to Recommend): Minimum, Maximum, and Mean  
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Statement Median Mode 

#1 How likely are you to share a positive recommendation about 

a product/service in the virtual community? 
5.00 6 

#2 How likely are you to share a positive recommendation about 

a product/service in the virtual community? 
4.00 6 

 

 

In this case, it is interesting to observe that even though the median of both the 

statements are in accordance with what the mean has already shown, the mode of 6 indicates 

that the majority of the responses corroborate a high likelihood of people actively engaging 

with the community to share positive and negative opinions on products or services. 

Therefore, it is apparent that the sample presented a more diverse distribution of responses in 

this scale. 

 Lastly, with the purpose of gathering information on the level of involvement the 

respondents have with a virtual community, the PII was applied with 14 seven-point semantic 

differentials. Among the attributes being judged by the sample, there were both functional and 

emotional adjectives to weigh on the relevance the virtual community has for each person. 

Similar to how scale 3 of the survey was analysed, to better illustrate the respective results, 

after calculating the mean of the dataset collected (Table 8) a polarity chart was generated 

(Figure 14).

Table 7 
 

Scale 4 (Intention to Recommend): Median and Mode 
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Item Min Max Mean 

Unimportant/Important 1.00 7.00 5.01 

Irrelevant/Relevant 1.00 7.00 5.40 

Means nothing to me/Means a lot to me 1.00 7.00 4.60 

Useless/Useful 1.00 7.00 5.73 

Worthless/Valuable 1.00 7.00 5.40 

Trivial/Fundamental 1.00 7.00 4.52 

Not beneficial/Beneficial 1.00 7.00 5.65 

Doesn't matter/Matters to me 1.00 7.00 5.01 

Insignificant/Significant 1.00 7.00 5.04 

Boring/Interesting 1.00 7.00 5.85 

Unexciting/Exciting 1.00 7.00 5.19 

Nonessential/Essential 1.00 7.00 4.30 

Not needed/Needed 1.00 7.00 4.79 

Uninvolving/Involving 1.00 7.00 5.43 

 

Table 8 
 

Scale 5 (Involvement): Minimum, Maximum, and Mean  
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Note. This method presents a ranking between the contrasting adjectives from -3 to +3 having 0 as a 

neutral point. Each item equivalent value is found using the calculated mean.  

 

By observing the mean it can be noted that the adjectives were best evaluated by the 

sample in the following order: boring/interesting (5.85), useless/useful (5.73), not 

beneficial/beneficial (5.65), uninvolving/involving (5.43), irrelevant/relevant (5.40), 

worthless/valuable (5.40), unexciting/exciting (5.19), insignificant/significant (5.04), 

unimportant/important (5.01), doesn’t matter to me/matters to me (5.01), not needed/needed 

(4.79), means nothing to me/means a lot to me (4.60), trivial/fundamental (4.52), and 

nonessential/essential (4.30). Considering these values, the aggregate response for each item 

was placed on the positive side of the chart, which shows that there is a significant level of 

involvement between respondents and the virtual community they are a member of.

Figure 14 
 

Scale 5 (Involvement): Semantic Differential Chart  
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4.3.4 Correlations  

 

A fundamental part of the survey’s analysis is to calculate the statistical correlations 

between the variables of the conceptual model in order to test its ability to illustrate the 

working dynamics of a virtual community of consumption. In this instance, there are two 

degrees of correlations that need to be determined within the model. The first degree of 

correlation investigates whether or not the belief in a sense of community (scale 1), the 

perception of beneficial value in the community (scale 2), and the trust in the community’s 

UGC (scale 3) have a direct influence on members’ willingness to engage (scale 4).  

It is important to note that scale 4 (intention to recommend) differentiates the 

likelihood to share a positive recommendation and a negative recommendation. Therefore, the 

correlations between the attitudes and the level of engagement will be displayed by separating   

the two types of intentions so it can be observed if there is any variance that can be identified.  

Secondly, as the conceptual model theorizes that the level of engagement directly 

impacts the level of involvement members have with a virtual community, the analysis will 

also present the correlations between scales 4 and 5 (PII). In addition to separately comparing 

the positive and negative intentions to recommend, it is also valuable for future conclusions to 

divide the 14 adjectives of the PII into two categories that express either emotional 

involvement or functional involvement. 

Thus, for the purpose of this investigation the items unimportant/important, 

irrelevant/relevant, useless/useful, worthless/valuable, trivial/fundamental, not 

beneficial/beneficial, and boring/interesting were interpreted as indicators of functional 

involvement, while the items means nothing to me/means a lot to me, doesn’t matter/matters 

to me, insignificant/significant, unexciting/exciting, nonessential/essential, not need/needed, 

and uninvolving/involving were interpreted as indicators of emotional involvement. 

For each correlation that tested the conceptual model, a null hypothesis (H0) and its 

alternative hypothesis (Ha) were evaluated. The SPSS software was used to calculate the 

Pearson’s Correlation Coefficient, which varies between -1 and +17, and the 2-tailed 

significance value (p-value), which is usually set at a standard alpha (α) of .05. However, 

since SPSS has the ability to indicate at what point each correlation has statistical 

significance, the values proposed by the software will be the ones used in the analysis8.

 
7 +1 indicates a perfect positive correlation and -1 indicates a perfect negative correlation. 
8 The original tables exported from SPSS can be consulted in appendix D (p. 206) 
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4.3.4.1 Hypothesis 1 

 

H0: the belief in a sense of community does not influence a member’s likelihood to engage in 

the virtual community. 

 

Ha: the belief in a sense of community influences a member’s likelihood to engage in the 

virtual community. 

 

 

 
 

 

 

  Members share 

experiences about 

products/services  

Members benefit 

from the 

information  

Members share a 

common bond  

Intention to 

make a positive 

recommendation 

Pearson’ correlation ,331** ,434** ,440** 

Sig. (2-tailed) <,001 <,001 <,001 

N 159 159 159 
 

Note. The reversed statements of scale 1 (ST2/ST5) were not considered in the correlation. 

**correlation is significant at .01 (2-tailed).  

 

 The table above shows that there is a weak positive correlation between agreeing that 

members share information about products/services in the virtual community and their 

likelihood to make a positive recommendation (.331); a moderate positive correlation between 

agreeing that members benefit from the information in the virtual community and their 

likelihood to make a positive recommendation (.434); and a moderate positive correlation 

between agreeing that members share a common bond in the virtual community and their 

likelihood to make a positive recommendation (.440). 

 All of these correlations are considered highly significant since p < .001. These results 

suggest that H0 (the belief in a sense of community does not influence a member’s likelihood 

to engage in the virtual community) should be rejected and Ha accepted (the belief in a sense 

of community influences a member’s likelihood to engage in the virtual community). Next, a 

similar analysis will take place to determine if the same pattern of influence exists when the 

proposition is on sharing a negative opinion about a product or service (Table 10).

Table 9 
 

Scale 1 x Scale 4 (Positive Recommendation) 
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  Members share 

experiences about 

products/services  

Members benefit 

from the 

information  

Members share a 

common bond  

Intention to 

make a negative 

recommendation 

Pearson’ correlation ,182* ,223** ,149 

Sig. (2-tailed) ,022 ,005 ,061 

N 159 159 159 

 

Note. The reversed statements of scale 1 (ST2/ST5) were not considered in the correlation. 

*correlation is significant at .05 (2-tailed). 

**correlation is significant at .01 (2-tailed). 

 

The table shows that there is a very weak positive correlation between agreeing that 

members share information about products/services in the virtual community and their 

likelihood to make a negative recommendation (.182); a weak positive correlation between 

agreeing that members benefit from the information in the virtual community and their 

likelihood to make a negative recommendation (.223); and a very week positive correlation 

between agreeing that members share a common bond in the virtual community and their 

likelihood to make a negative recommendation (.149). 

 Although the correlations between the first two statements and the intention to make a 

negative recommendation are lower than the correlations with the intention to make a positive 

recommendation, they still have statistical relevance (p = .022 and p = .005), which goes 

against H0. However, contrary to the correlation found between agreeing that members share a 

common bond in the virtual community and their likelihood to make a positive 

recommendation, there is no statistical relevance between this belief and the likelihood of 

making a negative recommendation (p = .061), which supports not rejecting H0.  

 Therefore, it can be concluded that there is some level of direct influence between 

believing that there is a strong sense of a community in the online group and members’ 

willingness to engage in it as proposed in the conceptual model. Nevertheless, evidence 

shows that people relate differently to sharing a positive recommendation to sharing a 

negative recommendation in virtual communities, which indicates that there are other possible 

factors that impact their decision to share personal experiences with products and services 

online.

Table 10 
 

Scale 1 x Scale 4 (Negative Recommendation) 
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    4.3.4.2 Hypothesis 2 

 

H0: the perception of beneficial value in the virtual community does not influence a member’s 

likelihood to engage in the virtual community. 

 

Ha: the perception of beneficial value in the virtual community influences a member’s 

likelihood to engage in the virtual community. 

 

 

 
 

  
Informative Useful Positive Favourable  Good 

Intention to 

make a positive 

recommendation 

Pearson’ correlation ,397** ,471** ,396** ,400** ,430** 

Sig. (2-tailed) <,001 <,001 <,001 <,001 <,001 

N 159 159 159 159 159 

 

Note. **correlation is significant at .01 (2-tailed).  

 

 Table 11 shows that there is a weak positive correlation between perceiving the virtual 

community as informative and members’ likelihood to make a positive recommendation 

(.397); a moderate positive correlation between perceiving the virtual community as useful 

and members’ likelihood to make a positive recommendation (.471); a weak positive 

correlation between perceiving the virtual community as positive and members’ likelihood to 

make a positive recommendation (.396); a moderate positive correlation between perceiving 

the virtual community as favourable and members’ likelihood to make a positive 

recommendation (.400); and a moderate positive correlation between perceiving the virtual 

community as good and members’ likelihood to make a positive recommendation (.430). 

 All of these correlations are considered highly significant since p < .001. These results 

suggest that H0 (the perception of beneficial value in the virtual community does not influence 

a member’s likelihood to engage in the virtual community) should be rejected and Ha 

accepted (the perception of beneficial value in the virtual community influences a member’s 

likelihood to engage in the virtual community). Next, a similar analysis will take place to 

determine if the same pattern of influence exists when the proposition is on sharing a negative 

opinion about a product or service (Table 12).

Table 11 
 

Scale 2 x Scale 4 (Positive Recommendation) 



  64  

 

 

 
 

 

  
Informative Useful Positive Favourable  Good 

Intention to 

make a negative 

recommendation 

Pearson’ correlation ,069 ,123 ,006 ,016 ,088 

Sig. (2-tailed) ,388 ,121 ,940 ,838 ,272 

N 159 159 159 159 159 

 

 

In this case, results indicate that there is no significant correlation between how 

members perceive the community’s attributes evaluated in scale 2 and their intention to make 

a negative recommendation (p > .05). This evidence goes against rejecting H0. However, as it 

was also noted in the previous section, this reveals that the influence of this second attitude 

over the level of engagement in the virtual community varies depending on if the 

recommendation being made by the member is positive or negative. 

 

4.3.4.3 Hypothesis 3 

 

H0: the trust in the community’s UGC does not influence a member’s likelihood to engage in 

the virtual community. 

 

Ha: the trust in the community’s UGC influences a member’s likelihood to engage in the 

virtual community. 

 

 
 

  
Trustworthy Credible Knowledgeable 

Intention to 

make a positive 

recommendation 

Pearson’ correlation ,330** ,372** ,277** 

Sig. (2-tailed) <,001 <,001 <,001 

N 159 159 159 

 

Note. Considering that all the semantic differentials from scale 3 were positively rated by the 

respondents (p. 55), its opposite adjective is not displayed in this table. 

**correlation is significant at .01 (2-tailed).

Table 12 
 

Scale 2 x Scale 4 (Negative Recommendation) 

Table 13 
 

Scale 3 x Scale 4 (Positive Recommendation): Part 1 
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Qualified Ethical Objective 

Intention to 

make a positive 

recommendation 

Pearson’ correlation ,285** ,248** ,236** 

Sig. (2-tailed) <,001 ,002 ,003 

N 159 159 159 

 

Note. Considering that all the semantic differentials from scale 3 were positively rated by the 

respondents (p. 55), its opposite adjective is not displayed in this table. 

**correlation is significant at .01 (2-tailed). 

 

Tables 13 and 14 describe a weak positive correlation between perceiving the 

community’s UGC as trustworthy and members’ likelihood to make a positive 

recommendation (.330); a weak positive correlation between perceiving the community’s 

UGC as credible and members’ likelihood to make a positive recommendation (.372); a weak 

positive correlation between perceiving the community’s UGC as knowledgeable and 

members’ likelihood to make a positive recommendation (.277); a weak positive correlation 

between perceiving the community’s UGC as qualified and members’ likelihood to make a 

positive recommendation (.285); a weak positive correlation between perceiving the 

community’s UGC as ethical and members’ likelihood to make a positive recommendation 

(.248); and a weak positive correlation between perceiving the community’s UGC as 

objective and members’ likelihood to make a positive recommendation (.236). 

Although the correlations appear to be highly significant according to the p-value (p < 

.001; p = .002 and p = .003), there are only weak correlations between variables, which makes 

rejecting H0 (the trust in the community’s UGC does not influence a member’s likelihood to 

engage in the virtual community) and accepting Ha (the trust in the community’s UGC 

influences a member’s likelihood to engage in the virtual community) a possible Type I error9 

where the statistical relevance could have come about because of other unrelated factors. In 

the following table, the correlation will be tested considering an intention to make a negative 

recommendation. 

 
9 A Type I error occurs when the null hypothesis is rejected when it is in fact true.  

Table 14 
 

Scale 3 x Scale 4 (Positive Recommendation): Part 2 
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Trustworthy Credible Knowledgeable 

Intention to 

make a negative 

recommendation 

Pearson’ correlation ,036 0,14 -,024 

Sig. (2-tailed) ,656 ,862 ,768 

N 159 159 159 

 

Note. Considering that all the semantic differentials from scale 3 were positively rated by the 

respondents (p. 55), its opposite adjective is not displayed in this table. 

 

 

 

  
Qualified Ethical Objective 

Intention to 

make a negative 

recommendation 

Pearson’ correlation -,010 ,009 -,016 

Sig. (2-tailed) ,899 ,905 ,839 

N 159 159 159 

 

Note. Considering that all the semantic differentials from scale 3 were positively rated by the 

respondents (p. 55), its opposite adjective is not displayed in this table. 

 

Results from tables 15 and 16 corroborate that there is no significant correlation 

between how members perceive the community’s UGC and their intention to make a negative 

recommendation (p > .05). Considering the analysis from both engagement perspectives it is 

not possible to reject H0, and therefore it should be assumed that there is not a direct influence 

between how members perceive the community’s UGC and their level of engagement with 

the virtual community.  

 

4.3.4.4 Hypothesis 4 

 

H0: the level of engagement a member has with the virtual community does not influence the 

level of involvement the member has with the virtual community. 

 

Ha: the level of engagement a member has with the virtual community influences the level of 

involvement the member has with the virtual community.

Table 15 
 

Scale 3 x Scale 4 (Negative Recommendation): Part 1 

Table 16 
 

Scale 3 x Scale 4 (Negative Recommendation): Part 2 
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  Important Relevant Useful Valuable  

Intention to 

make a positive 

recommendation 

Pearson’ correlation ,477** ,476** ,469** ,443** 

Sig. (2-tailed) <,001 <,001 <,001 <,001 

N 159 159 159 159 

 

Note. Considering that all the semantic differentials from scale 3 were positively rated by the 

respondents (p. 58-59), its opposite adjective is not displayed in this table. 

**correlation is significant at .01 (2-tailed). 

 

 

 
 

  
Fundamental Beneficial Interesting 

Intention to 

make a positive 

recommendation 

Pearson’ correlation ,281** ,432** ,324** 

Sig. (2-tailed) <,001 <,001 <,001 

N 159 159 159 
 

Note. Considering that all the semantic differentials from scale 3 were positively rated by the 

respondents (p. 58-59), its opposite adjective is not displayed in this table. 

**correlation is significant at .01 (2-tailed). 

 

In the tables 17 and 18 a description is given regarding the correlations between 

members’ likelihood to make a positive recommendation and their consequent level of 

functional involvement with the virtual community. Five moderate positive correlations were 

drawn with the attributes important (.477), relevant (.476), useful (.469), valuable (.443), and 

beneficial (.432). Two weak positive correlations were drawn with the attributes interesting 

(.324) and fundamental (.281).  

All of these correlations are considered highly significant since p < .001, which 

supports the rejection of H0 (the level of engagement a member has with the virtual 

community does not influence the level of involvement the member has with the virtual 

community) and the acceptance of Ha (the level of engagement a member has with the virtual 

Table 17 
 

Scale 4 (Positive) x Scale 5 (Functional): Part 1 

Table 18 
 

Scale 4 (Positive) x Scale 5 (Functional): Part 2 
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community influences the level of involvement the member has with the virtual community). 

The possible correlations considering emotional involvement are shown next (Table 19 and 

Table 20). 

 

 

  
 

 

  Means a lot to 

me 
Matters to me Significant Exciting  

Intention to 

make a positive 

recommendation 

Pearson’ correlation ,395** ,374** ,386** ,395** 

Sig. (2-tailed) <,001 <,001 <,001 <,001 

N 159 159 159 159 

 

Note. Considering that all the semantic differentials from scale 3 were positively rated by the 

respondents (p. 58-59), its opposite adjective is not displayed in this table. 

**correlation is significant at .01 (2-tailed). 

 

 
 

 

 

 

  
Essential  Needed  Involving  

Intention to 

make a positive 

recommendation 

Pearson’ correlation ,353** ,394** ,387** 

Sig. (2-tailed) <,001 <,001 <,001 

N 159 159 159 
 

Note. Considering that all the semantic differentials from scale 3 were positively rated by the 

respondents (p. 58-59), its opposite adjective is not displayed in this table. 

**correlation is significant at .01 (2-tailed). 

 

The tables above show that members’ willingness to share a positive recommendation 

has a weak positive correlation to their level of emotional involvement with the virtual 

community according to the attributes means a lot to me (.395), matters to me (.374), 

significant (.386), exciting (.395), essential (.353), needed (.394), and involving (.387). As the 

correlations were considered highly significant (p < .001), this evidence corroborates the 

rejection of H0 and the acceptance of Ha. The following tables display the correlations

Table 19 
 

Scale 4 (Positive) x Scale 5 (Emotional): Part 1 

Table 20 
 

Scale 4 (Positive) x Scale 5 (Emotional): Part 2 
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between intention to make a negative recommendation and the levels of functional and 

emotional involvement with the virtual community.  

 

 

 

 

 

 

 

 

 

 

 

 

  Important Relevant Useful Valuable  

Intention to 

make a negative 

recommendation 

Pearson’ correlation ,228** ,145 ,170* ,102 

Sig. (2-tailed) ,004 ,068 ,032 ,201 

N 159 159 159 159 

 

Note. Considering that all the semantic differentials from scale 3 were positively rated by the 

respondents (p. 58-59), its opposite adjective is not displayed in this table. 

*correlation is significant at .05 (2-tailed). 

**correlation is significant at .01 (2-tailed). 

 

 

 

 

 

  
Fundamental Beneficial Interesting 

Intention to 

make a negative 

recommendation 

Pearson’ correlation ,025 ,133 ,133 

Sig. (2-tailed) ,756 ,095 ,095 

N 159 159 159 

 

Note. Considering that all the semantic differentials from scale 3 were positively rated by the 

respondents (p. 58-59), its opposite adjective is not displayed in this table. 

 

Through these indicators it is possible to see that two features showed, respectively, a 

weak and very weak level of significance when correlated to an intention to make a negative 

recommendation: important (r = .228 and p = .004) and useful (r = .170 and p =.032). Thus, 

results indicate that there is no significant correlation between members’ willingness to make 

a negative recommendation in the virtual community and their functional involvement with it, 

which goes against rejecting H0 and reinforces the discrepancy in how sharing positive and 

negative recommendations influence members’ relationship with the virtual community. The

Table 21 
 

Scale 4 (Negative) x Scale 5 (Functional): Part 1 

Table 22 
 

Scale 4 (Negative) x Scale 5 (Functional): Part 2 
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possible correlations considering emotional involvement are shown next (Table 23 and Table 

24). 

 

 

 
 

  Means a lot to 

me 
Matters to me Significant Exciting  

Intention to 

make a negative 

recommendation 

Pearson’ correlation ,002 ,083 ,115 ,104 

Sig. (2-tailed) ,980 ,299 ,151 ,190 

N 159 159 159 159 

 

Note. Considering that all the semantic differentials from scale 3 were positively rated by the 

respondents (p. 58-59), its opposite adjective is not displayed in this table. 

 

 
 

  
Essential  Needed  Involving  

Intention to 

make a negative 

recommendation 

Pearson’ correlation ,068 ,068 ,122 

Sig. (2-tailed) ,392 ,391 ,124 

N 159 159 159 

 

Note. Considering that all the semantic differentials from scale 3 were positively rated by the 

respondents (p. 58-59), its opposite adjective is not displayed in this table. 

 

Results from tables 23 and 24 corroborate that there is also no significant correlation 

between members’ willingness to make a negative recommendation in the virtual community 

and their emotional involvement with it (p > .05). Considering the analysis from both 

engagement (positive/negative) and involvement (functional/emotional) perspectives it is not 

possible to reject H0, and therefore it should be assumed that members’ willingness to share a 

negative recommendation on a virtual community has no direct influence on the level of 

involvement with it.

Table 23 
 

Scale 4 (Negative) x Scale 5 (Emotional): Part 1 

Table 24 
 

Scale 4 (Negative) x Scale 5 (Emotional): Part 2 
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4.4 Final Considerations  

 

The preceding results made it possible to evaluate the validity of the proposed 

conceptual model presented in section 4.2. Broadly speaking, the conceptual model is 

partially verified by the data collected through the survey. However, it is important to 

consider that there may be other attitudes and motivations beyond the scope of the research 

that inform the relationship between member and virtual community. One prominent finding 

in the data was the difference in correlation when comparing intention to make a positive 

recommendation with intention to make a negative recommendation. The intricacies and 

nuances of the analysis are explored in more detail in the following paragraphs. 

The first attitude of the conceptual model (belief in a sense of community) was shown 

to influence the level of engagement only when intending to make a positive 

recommendation, which partially supports H1. A similar pattern can be observed regarding 

the second attitude (the perception of beneficial value in the virtual community), which 

partially supports H2. However, the third attitude (trust in the community’s UGC) has proven 

to have no influence on the level of engagement a member has with a virtual community, be it 

a positive or negative recommendation, which disproves H3.  

Regarding the influence that the level of engagement might have on the level of 

involvement, a similar trend was observed concerning the difference in correlation between 

the intention to make a positive recommendation and the intention to make a negative 

recommendation, which partially supports H4. The level of engagement seems to influence 

the level of both functional and emotional involvement when members have a high 

willingness to share a positive recommendation about products or services. Contrarily, 

members’ willingness to share a negative recommendation has no influence on their level of 

involvement with a virtual community.  

The above findings raise questions about why there is a discrepancy between the 

intention to make a positive recommendation and the intention to make a negative 

recommendation in the conceptual model. There could be a number of speculative reasons 

why this occurs, such as: fear of retaliation for sharing a negative opinion and a desire to 

avoid conflict, the willingness to share a negative opinion not being related to the person’s 

attitude towards the virtual community but to their level of dissatisfaction with the product or 

service, or the persons’ affiliation with the consumption activity that the community focuses 

not being significantly relevant to them. Any definitive conclusions to be drawn would 

require further investigation.
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5. Pre-conclusions 

 

Based on the evidence drawn from the literature review and the primary investigation 

it was possible to gather the necessary information to determine the answers to the research 

questions proposed in order to explore the working dynamics of virtual communities of 

consumption and the applicability of netnography for the practice of marketing.  

The first research question posed was “what are the historical grounds that favour the 

use of netnography in marketing?”. To answer this inquiry two sub-questions were 

investigated, with the first being the following: 

• How has marketing changed its practice over the years in the face of technological 

advancement? 

As was made clear in the literature review, the nature of marketing has undergone 

deep transformation over the years due to numerous contributing factors, one of the most 

important of which is technological advancement in society (Miklosik & Evans, 2020). 

Through the reputed work developed by Philip Kotler it is understood that the evolution of 

marketing from one era to the next depends heavily on significant changes in the market and 

on consumer behavior.  

During the course of the first Industrial Revolution, marketing was product-driven, 

which means customers had to adapt to companies’ offers due to the lack of variety in 

products. Later, with the rise of the information age and the emergence of the internet, 

consumers started to become better informed and consequently, more demanding. Due to this, 

companies had to evolve the goods and services they offer in order to provide functional and 

emotional satisfaction to customers (Kotler et al., 2010). 

Since then, the world has experienced an ever-increasing process of digitalization, 

especially with the advent of social media which highly affected the practice of marketing. 

The transparency and connectivity brought about by online platforms enabled the appearance 

of virtual communities where massive amounts of data regarding consumers’ opinions and 

experiences regarding brands are constantly shared (Kotler et al., 2017; Kumar et al., 2021).  

Even though there is constant pressure for businesses to be agile in adopting new 

market trends the everchanging environment creates a constant challenge for marketers to 

satisfy the customers’ demands in both online and offline spheres. The most recent evidence 

of such challenge is the COVID-19 pandemic and its consequences such as lockdowns and 

social distancing which made it necessary for the practice of marketing to become even more 

tech-driven.
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 The second sub-question is as follows: 

• What is the impact the digital era has had on consumer behavior? 

The expanded access to information enabled by the popularization of digital 

innovations empowered consumers to explore unlimited options in consumption. In the 

context of a hyperconnected world consumers live a digital-oriented life where social 

networks and the average amount of time spent online progressively rises every year.  

Through the internet, consumers found a medium to voice their personal opinions and 

experiences, a phenomenon called user-generated content. This easy access to information can 

positively or negatively influence a person’s purchase intention since previous studies in the 

field show that consumers tend to place more trust in online reviews than in traditional 

advertising.  

This context has also facilitated the emergence of virtual communities of consumption 

which are online groups whose interactions are based upon their common interest for a 

specific product, service, or activity (Valck et al., 2009). This sense of connection inherent in 

virtual communities may make them even more important for people in their day to day lives 

since they choose to be a part of it rather than being compelled by social norms. 

Lastly, it is also important to note that in the digital era the consumer decision-making 

process has become more complex due to the variety of informational platforms available 

(Melumad et al., 2020). Additionally, with the widespread use of personal gadgets such as 

smartphones and tablets technology has not only changed the way consumers browse for 

information but has also become an integral part of the entire process.   

 The second research question posed was “what are the benefits of conducting 

netnography for the process of making strategic decisions in marketing?”. To answer this 

inquiry three more sub-questions were investigated:  

• What are the main advantages of online research methodologies?  

Due to the large volume of data that is produced online in the participatory culture, 

marketers have the opportunity to collect and analyse information that can help improve 

decision-making (Heinonen & Medberg, 2018; Sharma et al., 2018). Thus, in the 21st century, 

emergent methods of research, such as netnography, started to gain popularity with 

organizations.   

Netnography uses a participant-observational approach to understand a cultural 

phenomenon in computer-mediated communications. Additionally, this method can also be 

incorporated with others to help achieve the research objective. Kozinets (2010) states that the 

use of netnography indicates the presence and importance of online components in the life of
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the subject of study. Therefore, netnography is able to provide an understanding on the 

symbolic world users inhabit on the web. 

Since much of the information online is public, the data collected through netnography 

is also considered to be naturalistic and unobtrusive, which allows an accurate view of 

consumers’ behavior. Its great accessibility also makes netnography a flexible methodology 

that can be used to investigate a broad number of topics such as consumption experiences, 

consumer identity, and online branding.  

The fourth sub-question of the dissertation follows thusly: 

• What type of useful information can marketers extract from virtual communities? 

Through the primary research a conclusion was reached that members of virtual 

communities of consumption share information about products and services with the group 

and believe they benefit from the information found within. In the r/beauty community for 

example, members are constantly seeking advice and starting discussions in the realms of 

shared common interests. 

Having access to this information can be of great value for marketing as it allows the 

identification of market gaps and the anticipation of trends that can provide competitive 

advantage for businesses and strengthen the brands’ equity. This evidence is of extreme 

relevance because it shows that virtual communities of consumption are considered to be 

important reference groups that consumers rely on for information that can influence their 

purchase decisions.  

The fifth and final question answered was as follows:  

• What are the defining characteristics of the relationship between consumers and 

virtual communities? 

During the primary research a conceptual model was formed to illustrate how 

members relate to virtual communities. When submitted to testing, results pointed out that 

when members have a high belief in a sense of community and a high perception of beneficial 

value in the community their level of engagement tends to be high when making a positive 

recommendation. The data collected also showed that the level of engagement has some 

influence over members’ level of involvement with the virtual community.  

Additionally, further indirect insights were drawn from the survey’s scales and 

correlations. It was proven that virtual communities of consumption are considered to be 

important reference groups and reliable sources of information on products and services. 

Furthermore, it was also confirmed that people are open to sharing their opinions and 

experiences online. However, a discrepancy was identified between members’ willingness to
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share a positive recommendation and a negative recommendation which could be a 

consequence of factors that are unknown to this investigation.  

Due to the wealth of information garnered concerning the characteristics of members 

of virtual communities and the nature of relationship they have with said communities, it is 

arguable that these online groups are fundamental subjects of study for marketers to 

comprehend consumer behavior in-depth.  

 

6. Conclusion 

 

The main objective of this dissertation was to understand the working dynamics of 

virtual communities of consumption while simultaneously exploring the applicability of 

netnography for the practice of marketing and its strategic benefits. To achieve this goal an 

extensive literature review was conducted followed by a primary research carried out by 

means of both netnography and online survey. Through the theoretical framework it was 

established that there is a direct relation between the evolution of marketing and technological 

advancements that deeply changed consumers’ attitudes and behavior.  

In the digital era people share their opinions and experiences on the internet which 

generates massive amounts of data online, especially in virtual communities of consumption, 

which consumers tend to trust when pondering their purchase intentions. This trend that was 

pointed out by previous studies in the field was confirmed by the empirical observations made 

during the netnography of the Reddit r/beauty community.  

Additionally, the survey showed the importance of virtual communities as reference 

groups, the high level of involvement members have with their community, as well as the 

high level of trust in its UGC. Furthermore, by understanding the nature of the relationship 

between consumers and virtual communities through the conceptual model, more nuanced 

evidence was revealed which allowed greater insight into the working dynamics of virtual 

communities of consumption.  

Thus, the knowledge acquired in this dissertation allows the conclusion that there is 

great relevance in the use of netnography for marketing since this methodology is specialized 

in studying social interactions that take place in the cyberspace. On a strategic level, by 

having access to information about consumers’ perceptions on products and services, the 

main cultural issues that concern the market, and consumers’ wishes and expectations, 

companies can better map what tactics they should adopt in order to achieve their 

organizational goals.
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However, some considerations must be made regarding the use of netnography in 

marketing. First, in order to ensure a proper implementation of netnographic analysis, 

marketers need to familiarise themselves with the method’s guidelines and tools. Secondly, 

marketers need to be fully aware that due to the amorphous nature of the internet, there are 

very few ways to guarantee that the members of the virtual community under study are indeed 

part of the company’s target audience. Thus, even though there is great value in the use of 

netnography for marketing, complementary research methods may be necessary to confirm 

the identified insights.  

 

7. Limitations 

 

The biggest limitation faced by the investigation was during the course of the 

netnography. Since the virtual community selected for the study generated a high level of data 

every day, it was necessary to establish a specific interval of time for collecting the 

publications to be analysed in this investigation. 

 

8. Contributions 

 

The dissertation expanded on the existing knowledge and data regarding the working 

dynamics of virtual communities and the applicability of netnography. The first contribution 

to the field of study was the presentation of an efficient and comprehensive summary of 

previous studies in the areas of marketing and consumer behavior. The second contribution 

was the demonstration of the existing correlations between certain attitudes and the level of 

engagement and involvement that members have with virtual communities. The investigation 

was also imperative in raising additional points of inquiry in the field of study that can be 

further explored in future research.  

Regarding business, the dissertation also presents relevant contributions to marketing 

professionals by illustrating the importance of adopting work methods and tactics that are 

adequate to the current context of the participatory culture that highly influences consumer 

behavior. The information gathered during the course of the investigation also reinforces the 

ever-changing nature of marketing and how companies need to be up to date with trends, 

which can help stimulate an even greater expansion of the use of netnography as market 

research. 
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9. Suggestions  

 

Even though online research methodologies have already gained prominence among 

academics and researchers during the last decade, this field of study still carries great potential 

of exploration due to constant technological advancements. Concerning its marketing 

applicability, it would be of extreme value to study netnography through marketers’ 

perception of their everyday challenges.  

On the matter of the questions that were raised during the course of the dissertation, it 

is recommended that future studies focus on other attitudes and motivations beyond those that 

were presently examined with respect to how they can impact the level of engagement and 

involvement consumers have with virtual communities. Finally, it is also recommended that 

future work is done regarding what causes a potential difference in the willingness people 

have to share positive or negative opinions on products and services online.  
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glossary 

 

artificial intelligence  intelligence demonstrated by machines, as opposed to the  

natural intelligence displayed by humans or animals 

 

automation   a wide range of technologies that reduce human intervention 

 

avatar    a graphical representation of a user; profile picture 

     

brand equity    the value created in and of a brand  

 

branding  a set of actions aligned with the brand-positioning that aims at  

developing connections with the consumer 

 

co-creation   the process of inviting consumers to participate in the creation  

of a new product or service  

 

co-producer   someone who participates in a project along with other  

producers 

 

cyberspace   the virtual computer world; an electronic medium that facilitates  

online communications 

 

digitalization   the use of digital technologies to transform a business model                     

 

do-it-yourself  perform an activity without the direct aid of certified experts 

 

e-consumer   consumers that have rapidly incorporated digital technologies  

in their everyday life 

 

electronic word of mouth any positive or negative statement made about a product or  

company on the internet 
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ethnography    a research methodology that explores cultural phenomena from  

the point of view of the subject of the study 

 

hermeneutic   a method or theory of interpretation 

 

high-end brand  luxury brand; expensive 

 

machine-learning  a type of artificial intelligence that allows software applications  

to become more accurate at predicting outcomes 

 

market gap   an area that is currently not explored by existing businesses; an 

    opportunity  

 

mean    the average of a group of numbers 

 

median    the middle number of a group of numbers 

  

mode    the number that appears the most in a group of numbers 

 

netizens   an avid user of the internet 

 

netnography   an online research method that aims at understanding social  

    interactions through digital communications 

 

original poster   the user who started a discussion thread  

 

participatory culture  a culture in which individuals can engage as creators and 

    producers of content 

  

prospect   a potential consumer 

 

reference group  a group that has the power of influencing an individual’s 

    opinions, beliefs, behavior, and attitudes 
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sample    a group of people taken from a larger population for research 

 

semantic differential  a rating scale designed to measure connotative meanings 

  

sharing economy  an economic model based on peer-to-peer offer through shared 

    resources 

  

stakeholders   a person or group with an interest in a business 

 

standard deviation  the dispersion of a data in relation to its mean  

  

target    a segment of consumers which a business aims its marketing 

    efforts and resources  

 

thread    an online conversation; discussion 

 

value    the organization’s core principals and ethics 

 

value chain   the full range of activities necessary to create a valuable  

product or service 

 

user-driven   something that has its main focus on the final user  

     

user-generated content content that has been produced by internet users  

 

username   an identification used on an online platform  

 

word-of-mouth  natural discussions about a product, service, or brand   

 

 

 

 

 

 


